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1 | INTRODUCTION

| Luigi Maiorano | Chiara Dragonetti |

Abstract

The Paris Agreement settled to limit global warming to 2°C and possibly 1.5°C
from pre-industrial times. However, little is known about the implications of
such climatic goals for biodiversity once species’ adaptability to new climatic
conditions is accounted for. Here, we projected the bioclimatic space loss for
mammalian communities across terrestrial biomes, under four alternative
emission scenarios to year 2050, and evaluated the risk for taxonomic, phyloge-
netic, and functional biodiversity in each biome. The high-emission scenario
(largely overshooting Paris limits) will lead to an average 34% bioclimatic space
loss across biomes, surpassing critical levels in half of them (31 out of 63),
including six biomes with high biodiversity content. Overall, these biomes
account for an area at risk which is 10 times larger compared to that identified
under low-emission scenarios. Under intermediate-emission scenario the loss
is reduced to 28%, but two biomes with high biodiversity content will still be at
risk. Achieving the 1.5°C target would reduce the average bioclimatic space
loss to 19%, with only eight biomes facing critical levels of loss, none of which
hosts high biodiversity content. These results highlight the biological risk of
climate inaction and the consequences of exceeding Paris Agreement's climatic
goals.
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et al., 2020). The response of the global community was
laid out by the United Nations Framework Convention on

Anthropogenic climate change is now affecting most of
the biological and ecological processes on Earth (Scheffers
et al., 2016) and its impact on terrestrial biodiversity is
expected to surpass that of land-use change in the coming
decades (Di Marco et al.,, 2019; Newbold, 2018; Pereira

Climate Change (UNFCCC) in the Paris Agreement, with
the definition of a long-term goal “to hold the increase in
the global average temperature to well below 2°C above
pre-industrial levels and pursuing efforts to limit the tem-
perature increase to 1.5°C" by the end of the century
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(United Nations, 2015). However, the world is still off
track from reaching this goal, with the current climate pol-
icies leading towards a +2.7°C global warming by the end
of the century (IPCC, 2021).While the Paris Agreement's
goal has been delineated based on policy perspectives and
the available scientific knowledge, little is still known
about its implications for biodiversity (Hulme, 2016). A
multi-taxa analysis has shown that achieving the 2°C tar-
get can reduce the number of species that will experience
>50% change in their current bioclimatic space to one
third compared to a business as usual emission scenario
(Warren et al., 2018). The same analysis has shown that
achieving a 1.5°C target can further halve that number.
Yet, these measures of climate exposure do not account for
species’ sensitivity to climate change, i.e., their ability to
persist (or not) in different climate conditions, and adap-
tive capacity, i.e., their ability to cope (or not) with the
negative impacts of climate change (Foden et al., 2013).

Species can adapt to some degree of climate change
via plasticity, adaptative and/or dispersal mechanisms
(Cooper et al., 2015; Nogués-Bravo et al., 2018), but there
are uncertainties around the degree of change that spe-
cies are capable of tolerating (Pacifici et al., 2015). More-
over, it remains unclear whether the rate of current
changes will be compatible with species adaptation
capacity (Loarie et al., 2009; Trisos et al., 2020). In fact,
assessing future climate impact on species is challenging
for two main reasons. The first challenge consists in
exploring future emission scenarios which are subject to
inherent uncertainties (Riahi et al., 2017). The second
challenge derives from estimating species response to cli-
mate change when adaptation capacity is unknown.

To deal with the first challenge, several socio-economic
scenarios and General Circulation Models (GCMs) are typi-
cally considered, hopefully representing the full spectrum
of uncertainty around future climate projections. The
coupled Shared Socio-economic Pathways—Representative
Concentration Pathways (SSP-RCPs) (O'Neill et al., 2014,
2017; van Vuuren, Edmonds, et al., 2011a) are used to rep-
resent different climatic outputs determined by alternative
patterns of energy consumption, land use change, human
population growth, technological innovation, governance
and lifestyles (Hoegh-Guldberg et al., 2018). Furthermore,
multiple GCMs have been developed to model spatially-
explicit changes in climate from the past to the present,
and to project changes into the future. These models are
broadly used to represent future projections, derived as the
climatic outputs of the emissions constraints delineated by
the RCPs (Tokarska et al., 2020).

Overcoming the second challenge—estimating spe-
cies response to climate change—is more difficult and
cannot rely solely on correlative approaches, which
often consider species as static, isolated entities (Araujo

et al., 2019). Species can adapt to some degree of climate
change (Nogués-Bravo et al., 2018), but adaptation is
reduced when multiple threats occur in synergy (Brook
et al., 2008; Hoffmann & Sgrd, 2011; Mantyka-pringle
et al., 2012). Moreover, species responses to climate change
can arise as a direct consequence of bioclimatic changes or
as an indirect consequence of the complex interactions
between climate, species’ ecology, and their environment
(Braga et al., 2019; Cooper et al., 2015; Pacifici et al., 2018;
Parmesan, 2006). Many studies have investigated species
exposure to future climate change (e.g., Newbold, 2018;
Trisos et al., 2020; Warren et al., 2018), but species sensi-
tivity to it (i.e., their ability to tolerate climatic variations)
remains only partly understood (Foden et al., 2013; Pacifici
et al., 2015). Assessing how species bioclimatic envelopes
(the position and range of bioclimatic variables species live
in) have responded to past climate change, is a promising
way to measure species ability to cope with climate change
(Di Marco et al., 2021; Maiorano et al., 2013). Species that
were able to tolerate past change without facing a substan-
tial reduction in their bioclimatic envelopes might be able
to cope with future climate change, tolerating exposure to
new conditions. Instead, species that have experienced a
reduction of their bioclimatic envelope (i.e., bioclimatic
space loss) under past climate change might be less able to
adapt to new conditions. This is an important consider-
ation to evaluate the full ecological implications of climate
mitigation policies.

Here we aimed to better understand the impact of cli-
mate change on multiple aspects of mammalian biodiver-
sity, comparing climate scenarios that meet the Paris
Agreement to those that do not. Our goal is to investigate
the relevance of different climate mitigation strategies for
multiple aspects of biodiversity, not explicitly considered
during the definition of such strategies, allowing to better
understand the implications of climate mitigation policy
at the ecosystem level.

We adopted a comprehensive approach to account for
the impact of climate change on three dimensions of bio-
diversity: taxonomic (total and endemic), phylogenetic,
and functional. While taxonomic diversity is a proxy of
species richness, phylogenetic diversity reflects the degree
of genetic divergence between species, being a proxy of
evolutionary history, and functional diversity represents
the ecological complexity of a given species assemblage,
as defined by species functional traits (Safi et al., 2013;
Thuiller et al., 2015; Zupan et al., 2014). In addition,
endemic species in each region represents unique ele-
ments of biodiversity which might be globally lost if envi-
ronmental conditions in the region change. We focused
our analysis on terrestrial mammals as they are broadly
distributed across all regions of the world (except for
Antarctica), having colonized almost all the Earth's
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habitats due to their great adaptation capacity. Furthermore,
mammals play key ecological roles including predation, seed
dispersal and grazing (Hoffmann et al., 2011), and provide
important benefits for human livelihoods, having a long
history of domestication and interrelation with human com-
munities (Clutton-Brock, 2015). Mammal species also
include many apex consumers, the role of which is essential
for regulating ecosystem functions (Estes et al., 2011).

2 | METHODS

We focused our analysis on 63 terrestrial biome-realms of
the globe (hereafter “biomes”; Olson et al., 2001), com-
bining 14 biomes across 7 biogeographic realms, with the
exclusion of Antarctica. We focused our analysis on
biomes instead of individual species to evaluate how bio-
geographically distinct communities of mammals might
be affected by climate change. We evaluated the impact
of climate change on mammalian biodiversity in each
biome, by assessing how much climate space will be lost
under different emission scenarios, across different cli-
matic models, in terms of the present-day bioclimatic
space that is expected to be lost by 2050. For each biome,
we measured the bioclimatic space lost by 2050 compared
to the present-day conditions. We defined biomes at high
climate risk as those facing a critical bioclimatic loss of

>30%, measured in terms of non-analogue climate, which
was found to lead to high risk of bioclimatic niche loss
for mammals in the past (Di Marco et al., 2021). This
threshold comes from a partial effect plot of climatic
stability and the probability of species to experience
climate niche change and defines a limit of bioclimatic
space loss, averaged across terrestrial mammals, beyond
which species have a high probability of undergoing
niche shrink. In other words, this parameter defines the
magnitude of climate change beyond which species have
not been able to adapt in the past, resulting in a reduc-
tion in their niche breadth.We then measured the biodi-
versity content of each biome, to evaluate areas of high
biodiversity value that face high risk under different sce-
narios (Figure 1).

2.1 | Climate data

We delineated the bioclimatic space available for each
biome using 10 variables which have previously been
successfully used to project future climate risk for
mammal species (Visconti et al., 2016): Annual Mean
Temperature, Mean Temperature of Wettest Quarter,
Mean Temperature of Driest Quarter, Mean Temperature
of Warmest Quarter, Mean Temperature of Coldest
Quarter, Annual Precipitation, Precipitation of Wettest
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Quarter, Precipitation of Driest Quarter, Precipitation of
Warmest Quarter, Precipitation of Coldest Quarter.

For present-day climate, we used Worldclim 2.0 (Fick &
Hijmans, 2017) data covering the period 1970-2000, while
for future climate we used the data representing 2050
(mean for 2041-2060) from the same database. We consid-
ered four scenarios corresponding to different warming
levels: SSP1-1.9*, SSP1-2.6, SSP2-4.5 and SSP5-8.5. The
selected scenarios have been chosen to represent different
possible pathways of future climate conditions associated
with socio-economic strategies. Scenarios SSP1-1.9* and the
SSP1-2.6, are meant to represent the warming limits pro-
posed by the Paris Agreement (respectively, no more than
1.5 and 2°C above pre-industrial level; Tebaldi et al., 2020;
van Vuuren, Edmonds, et al., 2011a, van Vuuren, Stehfest,
et al., 2011b). As scenario SSP1-1.9 was not available in
Worldclim, we approximated it by adopting the climatic
conditions of the scenario SSP1-2.6 in year 2030. This pro-
jection, which we named “SSP1-1.9%,” represents a lower-
warming scenario with lower GHG emission compared to
the one represented by SSP1-2.6 in 2050. The two projec-
tions (SSP1-2.6 in year 2030 and year 2050), differs by
around 0.5°C warming (Tebaldi et al., 2020), which reflects
the difference in the outputs of the radiative forcing
between RCP 1.9 and RCP 2.6 in year 2050 (O'Neill
et al., 2016). Scenario SSP2-4.5 projects a warming of
around 2.1-3.5°C above pre-industrial (IPCC, 2021;
Thomson et al, 2011). The business-as-usual scenario
SSP5-8.5 corresponds to the pathway with the highest
greenhouse gas emissions, and temperature increase is pro-
jected to be between 3.3 and 5.7°C (IPCC, 2021; Riahi
et al.,, 2011).For each scenario we used three different
Global Circulation Models (GCMs), representing uncet-
tainty behind future climatic predictions. We selected BCC-
CSM2-MR (Wu et al., 2019), MIROCS6 (Tatebe et al., 2019),
and IPSL-CM6A-LR (Boucher et al., 2020), based on their
high degree of independence (i.e., models created under dif-
ferent frameworks) in CMIP6 (Brunner et al., 2020; Knutti
et al., 2013).

2.2 | Estimates of bioclimatic space loss
under different emission scenarios

Following Iwamura et al. (2010) and Di Marco et al.
(2021), we measured the bioclimatic space loss for each
scenario as the proportion of current bioclimatic space
that is lost in the future. For each biome, we considered
all scenarios versus GCMs climate combinations and
calculated the average bioclimatic space loss and its stan-
dard deviation under each scenario (averaging all GCMs).
To represent the bioclimatic space of each biome we
considered the first two axes of a Principal Component

Analysis (PCA) run over all the bioclimatic variables, cur-
rent and future (separately for each emission scenario in
each biome), projecting current and future variables in
the same PCA space. We evaluated the performance of
the PCA in terms of the cumulative variance explained
by the two main components (Broennimann et al., 2012).
The bioclimatic space of each biome was then defined
using a kernel density function of 95% around occupied
cells in the PCA space, which excluded climatic condi-
tions only rarely observed. We divided the environmental
space defined by the PCA axes into a grid of 100 x 100
cells (Broennimann et al., 2012), each cell representing
PCA scores derived for a vector of bioclimatic conditions,
and converted into two Principal Component axes. The
overall bioclimatic space of projection for the PCA was
derived from the current and future climate conditions
registered within the biogeographical realm where a
biome is located (separately for each emission scenario).
This way we could determine the change in bioclimatic
space of the biome within the biogeographical context of
reference.All analyses relative to the bioclimatic space
were done using the “Ecospat” package in the platform R
(Di Cola et al., 2017; R Core Team, 2020).

Finally, we adopted a “critical loss threshold” of 30%
to define biomes “at risk,” as this is the threshold beyond
which mammal species in an area have faced high risk of
undergoing niche shrink, based on the work of Di Marco
et al. (2021) on the relation between bioclimatic space
loss and changes in terrestrial mammals species’ climate
niche since mid-Holocene. Hence, such metric is not a
species-specific indicator, rather a generalized parameter
that reflects the past adaptation capacity of terrestrial
mammals to climatic change.

2.3 | Measuring the biodiversity content
of each biome

To represent patters of biodiversity within each biome,
we considered three dimensions of mammalian biodiver-
sity: the taxonomic (both total and endemic), phyloge-
netic, and functional diversity. As a first step, we created
a matrix of “biome by species,” representing the distribu-
tion of each species in each biome. We retrieved the dis-
tribution range maps of 5598 species of terrestrial
mammals from the TUCN Red List (IUCN, 2019), and
overlapped each map with the map of biomes (Olson
et al., 2001) to estimate the proportional overlap of each
species with each biome. We considered a species to be
present in a biome when at least 5% of its range was
included in it. In this way we excluded from a biome spe-
cies whose presence was only marginal and more subject
to uncertainty in underlying distribution data.
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We represented taxonomic diversity as the total num-
ber of species within a biome (i.e., measuring regional spe-
cies richness or “gamma diversity”). Additionally, we
measured the number of endemic terrestrial mammal spe-
cies in each biome. We considered a species to be endemic
to a biome if its range overlapped by at least 95% with the
biome's area (Table S1).We then represented phylogenetic
diversity by performing a phylogenetic eigenvector analy-
sis (Diniz-Filho et al., 1998), following Brum et al. (2017).
We extracted 16 eigenvectors from a phylogenetic tree in
the dataset PHYLACINE (Faurby et al., 2018), each repre-
senting orthogonal axes of the phylogenetic distance
among species. To obtain a map of phylogenetic diversity
in each biome, firstly, we split the eigenvectors into 5%
quantiles, generating 20 groups of species for each eigen-
vector. Then we determined the number of “phylogenetic
groups” in each biome, based on the species association
with biomes and their position in separate “eigenvector
groups.” The result is a unique set of values per each
biome that represents its overall phylogenetic diversity.

We estimated the functional diversity of each biome
following Brum et al. (2017), as the combination of 14 func-
tional traits for each species: adult body mass, adult body
length, maximum longevity, female maturity, age at first
reproduction, gestation length, litter size, litter per year,
weaning age, neonate body mass, diet breadth, trophic
level, activity cycle and habitat breadth. Variables used to
define the functional diversity represent species’ resource
use and life history traits and have been selected for hav-
ing sufficient data coverage (Brum et al., 2017). Data were
derived from the COMBINE database (Soria et al., 2021).
We used the imputed version of the dataset, where missing
data have been imputed using a machine learning tech-
nique accounting for biological and phylogenetic relation-
ships among species. We verified that the imputation had
no noticeable effect on our results (see Supporting Infor-
mation materials S1). To assess the number of “functional
groups” in each spatial unit, quantitative variables were
processed following the same procedure used for phyloge-
netic eigenvectors, where values are split into 20 groups
adopting a 5% quantiles approach. Groups for categorial
variables, instead, were based on the individual category
levels. Functional diversity for each biome was measured
based on the number of functional groups represented by
the species present in it, across all life-history traits. We
measured the value of each biodiversity metric in each
biome, and we also derived “weighted” measures of diver-
sity, dividing each of the diversity values by the biomes'
area (measured as logl0 km?, using an equal-area Sphere
Mollweide projection) and scaled them such that the high-
est values equal one. This way, we accounted for both the
absolute biodiversity content of each biome and the rela-
tive content, irrespective of area size. We identified biomes

Ajournal of the Society for Conservation Biclogy

with high biodiversity content as those in the top quartile
according to one or more of the biodiversity metrics. We
also performed a sensitivity analysis by defining biomes of
high biodiversity content as those with above-median bio-
diversity values. Finally, we highlighted biomes in the top
quartile of biodiversity value according to multiple metrics
and facing high climate risk (i.e., biomes at risk) when
considering the critical bioclimatic loss threshold.

3 | RESULTS
3.1 | The bioclimatic space loss of the
terrestrial biomes

The first two axes of the PCA explained an average 81.9%
of the bioclimatic variability of each biome, ranging from
74.2% to 89.4% across all scenarios. Bioclimatic space loss
(i.e., the portion of bioclimatic space lost by 2050 in each
biome) varied depending on the scenario, always increas-
ing from scenario SSP1-1.9* to scenario SSP5-8.5, and it
was substantial even under the lowest emission levels,
with an average loss of 19% (range 7%-48%) under sce-
nario SSP1-1.9%, and 24% (range 10%-61%), under sce-
nario SSP1-2.6. Intermediate and high emission levels
lead to high and very high loss of 28% (range 9%-67%)
and 34% (range 17%-75%) under scenarios SSP2-4.5 and
SSP5-8.5, respectively. Our results were not dependent on
biome size, as Pearson's correlation between biome's area
size and bioclimatic space loss was below 0.3 under all
the projected scenarios (Table S2).

Despite differences in overall levels of risk, the geo-
graphical patterns of bioclimatic space loss were similar
across scenarios (Figure 2), with the highest values found
in North America, India, equatorial regions, and northern
Australia. Areas of low relative loss across scenarios instead
were in the Middle East, North Africa, and central Asia.

We also considered the uncertainty behind our esti-
mates of bioclimatic space loss, as represented by the stan-
dard deviation of values derived from different GCMs
(Figure S1) and found that the correlation between stan-
dard deviation and biome size is low and not significant
under any of the projected scenarios (Table S3); this means
that small and large biomes had similar uncertainty around
climatic projections. We also found that higher standard
deviation did not match high values of bioclimatic space
loss, but there were a few exceptions in the Nearctic Tropi-
cal and subtropical dry broadleaf forest, the Indomalayan
Flooded grasslands and savannas and the Indomalayan
Mangroves. Therefore, our estimates of high bioclimatic
space loss for these areas come with high uncertainty.

We observed that the bioclimatic space loss is lower for
biomes characterized by seasonal variability and/or moist
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FIGURE 2

Maps of the bioclimatic space loss of the terrestrial biomes under four emission scenarios, projected for the year 2050

(compared to the reference period 1970-2000): (a) scenario SSP1-1.9*, (b) scenario SSP1-2.6, (c) scenario SSP2-4.5 and (d) scenario SSP5-8.5.

climate (i.e., Montane grasslands and shrublands, Temper-
ate coniferous forest and Temperate broadleaf and mixed
forest), while it is higher for biomes characterized by a dry
climate and precipitation unevenly distributed during the
year (rain season), for instance: Flooded grasslands and
savannas, and Mangroves (Figure 3a). Flooded grasslands
and savannas was the only biome type retaining very high
bioclimatic space loss (on average > 35%) under all scenar-
ios and in each realm. Instead, the Mediterranean forests,
woodlands and shrublands were found to be highly sensi-
tive to the projected scenario, with high bioclimatic space
loss under scenarios SSP5-8.5 (on average 32%) and low
loss under the SSP1-1.9* scenarios (on average 18%).

Indomalayan was the biogeographic realm with the
highest average projected loss (22%-41% depending on
the scenario), followed by the Afrotropic (loss between
22% and 38%) and the Nearctic (loss between 23% and
37%). The Palearctic and the Oceanian, respectively the
largest and the smallest realms in terms of land area size,
had the lowest average risk (Figure 3b).

3.2 | Climate risk for biomes with high
biodiversity content

We found that 24 out of 63 biomes have high biodiversity
content (i.e., having a diversity value in the top-quartile)

for at least one dimension of biodiversity (taxonomic,
functional, or phylogenetic; Figure S2). These biomes
cover 52.2% of the terrestrial globe (excluding Antarc-
tica). While eight biomes (6.8% of the study area) were
important for just one dimension, 10 biomes (39% of the
study area) were important for two dimensions, and six
biomes (6.5% of the study area) were important for all of
them. Biomes where there is an overlap of high values
for the three dimensions of biodiversity are mainly Afro-
tropical and Neotropical, with the only exception of the
Palearctic Temperate coniferous forests.

We identified biomes facing high climate risk
(i.e., biomes at risk), and found that about half of all
biomes (31 out of 63) are at risk according to the most
pessimistic scenario SSP5-8.5, while 17 remained at risk
also under scenario SSP2-4.5. The biomes that were at
risk under scenario SSP5-8.5 contain 3153 species (56%
out of the 5598 mammalian species analyzed), and an
average of 169 phylogenetic groups and 146 functional
groups each (Table 1). The most optimistic scenarios,
SSP1-2.6 and SSP1-1.9%, include 12 and 8 biomes at risk,
respectively. In other words, the number of biomes pro-
jected to face threshold-levels bioclimatic space loss is 1.5
times higher under scenario SSP1-2.6 compared to
SSP1-1.9%, and 4 times higher under scenario SSP5-8.5.
Biomes at risk under scenario SSP1-1.9* represent less
than 1% of the terrestrial globe (compared to 28% under
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FIGURE 3 Bioclimatic space loss across (a) biome types and (b) biogeographical realms under four emission scenarios (SSP1-1.9%,
SSP1-2.6, SSP2-4.5 and SSP5-8.5). Values represent the average bioclimatic space loss across biomes of the same type or belonging to the
same realm.
TABLE 1 Total number of different mammalian species, average number of species, number of endemic species and average number of
phylogenetic and functional groups in the biomes facing high climate risk under four emission scenarios (SSP1-1.9%, SSP1-2.6, SSP2-4.5 and
SSP5-8.5).
Number of Average number Number of Average number of Average number of
species of species endemic species phylogenetic groups functional groups
SSP1-1.9* 251 31 22 125 116
SSP1-2.6 364 36 22 132 119
SSP2-4.5 989 67 83 146 133
SSP5-8.5 3153 128 434 169 157

scenario SSP5-8.5) and contain 251 different mamma-
lian species (<5% of the total) with an average 125 phy-
logenetic groups and 116 functional groups. We found
a relatively small overlap between the biodiversity
content of the biomes and climate risk (Figure 4), even
if, as expected, the overlap increased proportionally
across scenarios. Specifically, of the 31 biomes facing
high climate risk under scenario SSP5-8.5, only six were
found to have high biodiversity content. Two of these
biomes—the Afrotropical Tropical and subtropical
moist broadleaf forest and the Neotropical Tropical and
subtropical dry broadleaf forests—have top values for

all three dimensions of biodiversity, while one—the
Indomalayan Tropical and subtropical dry broadleaf
forests—has top values of phylogenetic and functional
biodiversity.

Under scenario SSP2-4.5 the risk for biodiversity
rich biomes is drastically reduced and just two biomes of
high biodiversity content are projected to face high cli-
mate risk. The most optimistic scenarios, SSP1-2.6 and
SSP1-1.9%, reduce the number of biomes of high biodiver-
sity content at risk to one and zero biomes, respectively.
These results demonstrate that overshooting the 1.5°C
goal of the Paris agreement generates substantial risk
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FIGURE 4 Bivariate map of biodiversity content of biomes and climate risk. Biomes' biodiversity content and their climate risk under
four emission scenarios—(a) scenario SSP1-1.9*, (b) scenario SSP1-2.6, (c) scenario SSP2-4.5 and (d) scenario SSP5-8.5. Biomes are colored
based on the overlap between high biodiversity content for one or more dimensions (taxonomic, phylogenetic and/or functional diversity are
considered equal) and whether they are facing high climate risk (bioclimatic space loss above 30%).
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FIGURE 5 Number of biomes with high biodiversity content

facing high climate risk, and their respective area. Number of
biomes and their area, expressed in percentage, is represented
across different emission scenarios (scenario SSP1-1.9%, SSP1-2.6,
SSP2-4.5 and SSP5-8.5). Height of bars represent the mean number
of biomes at risk (green), or their area (light blue), among three
alternative Global Circulation Models. Error bars represent the
minimum and maximum number of biomes at risk, or their area.

for biodiversity rich biomes. Moreover, even in the
most optimistic Paris scenario, there is still some risk
to biodiversity for example in the Afrotropical Tropical

and subtropical dry broadleaf forest, which contains
20 biome-restricted (endemic) species.

The increase in number of biomes at risk, among
those hosting high biodiversity, corresponds to a 10-fold
increase in the area at risk (Figure 5). In fact, while 0.7%
of the total study area is both highly diverse and at risk
under scenario SSP1-2.6, 7.9% become at risk under sce-
nario SSP5-8.5. Interestingly, while the number of biomes
with high biodiversity content at risk is doubled between
scenario SSP1-2.6 and SSP2-4.5 (intermediate emission),
and again doubled between scenario SSP2-4.5 and
SSP5-8.5 (high emission), the area at risk gets five times
larger each time. This same trend was observed even
when biomes with high biodiversity content are selected
as those in the top two quartiles, rather than just the first
quartile (Figure S3).

4 | DISCUSSION

We evaluated the potential future impact of climate
change on mammalian biodiversity across biogeographic
assemblages, accounting for the level of bioclimatic space
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loss that might trigger negative species response. Our
results show that the impact of climate change on biomes
increases consistently with higher emission scenarios,
and so does the impact on areas of high biodiversity value.
We found that terrestrial biomes will experience moderate
to high change in their bioclimatic space in year 2050
under all emission scenarios, including the most optimistic
one. However, our results highlight that there are substan-
tial biological risks to exceeding warming limits set under
the Paris Agreement. In fact, if global warming is kept
below 1.5°C above pre-industrial levels, as represented by
scenario SSP1-1.9%, the bioclimatic space loss is expected
to halve compared to the highest emission scenario. This
risk becomes higher if global warming reaches 2°C above
pre-industrial levels by the end of the century (scenario
SSP1-2.6); in this case, biomes are expected to lose 5%
more of their bioclimatic space.

We measured the bioclimatic space loss of each biome
as the overlap between their current and future biocli-
matic space under the assumption that a biome's current
bioclimatic space indirectly reflects the niche require-
ment of the species it hosts—in other words, we assumed
that current species’ realized climatic niche is not merely
determined by species climatic tolerance but also by the
effect that climate has on the ecological requirements of
the species (for instance, seasonal resources availability).
Additionally, we assumed that future changes in the biocli-
matic variability inside a biome will affect species ecological
requirements. In fact, biomes are frequently used to repre-
sent large-scale changes in biodiversity (Beyer et al., 2020;
Iwamura et al., 2010; Loarie et al., 2009) and changes affect-
ing a biome are expected to also affect the community of
species that are adapted to its peculiar ecosystem character-
istics. In this sense our results are not meant to assess
which are the most threatened species, as species-specific
responses to future climate are not predicted here. Instead,
they describe biomes in which mammalian communities
are more likely to undergo climatic niche shrink due to the
magnitude of bioclimatic space loss.

Our results on geographical patterns of climate risk
confirmed those from previous studies (Beyer &
Manica, 2020; Iwamura et al., 2010; Loarie et al., 20009;
Trisos et al., 2020), as we found biomes with low seasonal
variability, such as the Tropical and subtropical dry broad-
leaf forest, are expected to experience major bioclimatic
space loss. Instead, biomes with high seasonal variability,
such as Temperate coniferous forests and Temperate
broadleaf and mixed forests, tend to experience lower bio-
climatic space loss. This explains why equatorial regions
characterized by small temperature oscillations, both in
time and space, are projected to face relatively high biocli-
matic space loss, compared to temperate regions, despite
lower magnitude of warming. This results in higher
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potential climatic impact for tropical species, that also have
narrower range size due to the narrow climate variability
to which they are exposed (Stevens, 1989). These species
occur close to their upper realized thermal limits through-
out their geographic range (Trisos et al., 2020) and are con-
sidered to be particularly sensitive to future warming
(Williams et al., 2007). On the other hand, our results show
that biomes that occupy areas of large altitudinal gradients
(high geographical variability), such as Montane grasslands
and shrublands, are predicted to face lower bioclimatic
space loss. However, even small bioclimatic space loss
might determine a risk for species occupying these biomes,
due to their limited geographic distribution and their isola-
tion (Elsen & Tingley, 2015). Interestingly, biomes charac-
terized by the succession of a dry and a wet season and
precipitations unevenly distributed during the year have
been found to have high bioclimatic space loss. This is the
case of the Mangroves and the Flooded grasslands and
savannas biomes, which have shown high climate risk
even under the lowest emission scenarios. This finding is
coherent with the fact that climate change is expected to
increase the extent of arid zones in the future (Asadi Zarch
et al., 2017).

At the same time, our results show some important
differences with past works, for example for Tropical and
subtropical coniferous forest and Tropical and subtropical
moist broadleaf forest, which we found to face low cli-
mate risk. Iwamura et al. (2010) found mayor climate
instability in the West of Amazon basin, Mora et al.
(2013) found that the tropics will experience the earliest
emergence of historically unprecedented climates, and
Trisos et al. (2020) found that the Amazon is among the
areas that will experience the greatest abruptness of expo-
sure to climate change. We believe that these differences
with our results derive, at least in part, from the different
methodologies applied in our study compared to others.
In fact, Iwamura et al. (2010) used smaller spatial units
(i.e., ecoregions) and scenario projections compared to
us, while Trisos et al. (2020) observed the maximum cli-
mate exposure after year 2060, a timeframe beyond that
of our projections. Instead, Mora et al. (2013) investigated
the climate departure dividing the locations in an equal-
area grid, while we used biomes as spatial units (each
having different size). There is increasing evidence that
many biomes are already on a trajectory of extensive
compositional and structural changes due to climate
change (Dobrowski et al., 2021). Here we showed that
the magnitude of such change might pose high risk to
mammal species living in the biome, making them
unable to adapt to abrupt shifts in climatic conditions.

Coherently with previous works, we found significant
correlation across multiple biodiversity metrics (Brum
et al., 2017), especially between phylogenetic and functional
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diversity. In addition, the correlation across biodiversity
metrics is weaker when looking at biomes with high biodi-
versity value, which typically exhibit low overlap across
values for the three dimensions of biodiversity. This geo-
graphical divergence, observed also in other studies (Brum
et al., 2017; Pollock et al., 2017; Sibarani et al., 2019), dem-
onstrates the importance of considering multiple biodiver-
sity facets. Overlooking phylogenetic and functional
diversity neglects the role of the genetic pool of species
assemblages on biodiversity conservation from one side
(Pollock et al., 2017), and the ecological properties of the
environment from the other (Mammola et al., 2021). Con-
sidering just taxonomic species richness could lead to over-
looking areas of high evolutionary and/or ecological
diversity which might be at risk from climate change, as it
is the case of the Afrotropical Flooded grassland and
savannas and the Neotropical Tropical and subtropical
coniferous forest.

Among biomes of high biodiversity importance, we
found that only a few faced high climate risk (10.5% of
biomes, covering 8% of terrestrial globe, according to the
highest emission scenario). This result is coherent with
Iwamura et al. (2010), who found that the ecoregions of
low bioclimatic space loss largely overlap with the areas
known for their high biodiversity. However, even a few
highly biodiverse biomes at high risk might represent a
crucial challenge for global biodiversity conservation, for
example, our results showed that even under a Paris-
compliant scenario up to 22 endemic species are found in
biomes at risk (hence facing risk of global extinction).

Importantly, we found that meeting the Paris goal of
2°C would reduce the number of biomes at risk by six-fold
compared to the most pessimistic scenario, and the area at
risk by 10 times. Additionally, meeting the Paris goal of
1.5°C would prevent any biome of high biodiversity impor-
tance from facing risk of high climate risk. Biomes with
high biodiversity content that will benefit the most from
climate mitigation policies are found in Indochina and
India, the west coast of Madagascar, the Congo basin and
central South America. It must be noted that these biomes
are found in areas where major landscape changes, due to
anthropogenic land use, have also been produced in the
last few decades and are projected to increase under some
of the scenarios we analyzed (SSP2 and SSP5), (Baisero
et al., 2020; Newbold, 2018). Other studies have highlighted
that the projected risk of warming is in general expected to
be greater for most invertebrates, plants, amphibians, and
reptiles than for mammals owing to the slower dispersal
rates of the former groups (e.g., Beyer & Manica, 2020;
Warren et al., 2018). Besides, it has been found that
anthropogenic-induced climate change has a great poten-
tial to cause abrupt disruptions in ecological assemblages,
which is not evident when focusing on individual temporal

snapshots (Trisos et al., 2020). This means that the impact
of climate change is projected to be systemic and acute,
rather than chronical and specific.

Here, we aimed at forecasting mammal biodiversity
risk from climate change, based on the level of change to
which species assemblages in each biome will be exposed,
and the sensitivity of terrestrial mammals to past climate
change. This was possible due to knowledge on the impact
of past climate change on species niches. A key point in
achieving these findings, has been the integration of
empirical data on species sensitivity (i.e., their capacity to
tolerate some degree of change) to past climate change to
models projecting changes in the biomes' bioclimatic
space. The 30% critical loss threshold, used here to define
critical levels of bioclimatic space loss, represents the limit
above which climate change has determined climatic
niche shrink for species in the past, while controlling for
the effect of other confounding factors such as land-use
change (Di Marco et al., 2021). This threshold defines an
empirical value above which terrestrial mammals showed
negative responses and an inability to cope with changing
climates during the Holocene. By operating directly on the
empirical data of species’ response to climate niche
changes, and not being reliant on any particular statistical
model or parameterization, the approach used here
allows to extrapolate risk at a broader scale. Our results on
projected patterns of climate risk, determined by biomes'
bioclimatic space loss, spatially diverge from those of ver-
tebrates climatic determined range loss which are higher
in South Africa and Australia (Warren et al., 2018), while
we found that biodiversity risk in these areas is low. This
is likely related to our consideration of species’ ability to
tolerate some level of climate change, in evaluating vul-
nerability from future climate exposure.

In addition, we consider our results to reflect conserva-
tive projections of future climate change impact on biome's
bioclimatic space. In fact, it must be stressed that the 30%
critical loss threshold comes from a model calibrated over
climate change taking place over 6000 years (between Mid-
Holocene and present), (Di Marco et al., 2021), while our
projections are based on predicted changes in climate dur-
ing only 30 years. This implies that, even with some degree
of uncertainty, biomes facing high climate risk reflect areas
of rapid bioclimatic space loss and our projections are
likely optimistic, as the loss comes in a much shorter time
frame reducing species capability for adaptation.

Furthermore, the 30% critical loss threshold used in
our framework indicates the level of change beyond
which mammal species were typically unable to adapt to
climate change, despite their ability to disperse (and con-
sequently to modify their geographic range). This also
implies that species might be less able to track change in
suitable climate via dispersal, as these are much more
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rapid than in the past. As mentioned above, our 30%
threshold accounts for the confounding effect of variables
such as land-use change. However, current rates of land-
use change, poaching, and environmental degradation are
accelerating compared to the past, and this increases the
challenges to future terrestrial mammals’ conservation.

Seven years have passed since the Paris Agreement
was signed. These years have been marked by tough
political negotiations, struggles to align to mitigation
plans and an increasing societal demand to act against
climate change. Yet, the only reduction in global emis-
sion levels since the beginning of the century has been
determined by circumstances beyond direct political
control: the 2008s global economic crisis and 2020s
COVID-19 pandemic; and in both cases it was followed
by a rapid rebound of emissions (Peters et al., 2012; Le
Quéré et al., 2021). Even under COP26's Glasgow Climate
Pact, the risk of surpassing the 1.5°C and even the 2°C
threshold is concrete, as governments failed to define
concrete measures to reach the Paris Agreement.

Under increasing concerns on whether achieving the
1.5°C and even the 2°C goals is still feasible (McKay
et al., 2022), there is now mounting evidence on the biolog-
ical risks of missing such goals. Here we show that exceed-
ing the Paris Agreement goals (the 1.5°C and especially the
2°C) can have important effects on increasing climate risk
for biomes with a high mammalian biodiversity content.

ACKNOWLEDGEMENTS
MDM was supported by the MUR Rita Levi Montalcini
programme.

DATA AVAILABILITY STATEMENT

Data analyzed in this study are openly available at loca-
tions cited in the reference section. Processed data are
available on request from the corresponding authors.

ORCID
Valeria Y. Mendez Angarita
0002-0117-5799
Luigi Maiorano

https://orcid.org/0000-

https://orcid.org/0000-0002-2957-8979

Chiara Dragonetti ‘® https://orcid.org/0000-0002-9829-
8970

Moreno Di Marco ‘® https://orcid.org/0000-0002-8902-
4193

REFERENCES

Aratjo, M. B., Anderson, R. P., Barbosa, A. M., Beale, C. M.,
Dormann, C. F. Early, R.,, Garcia, R. A, Guisan, A,
Maiorano, L., Naimi, B., O'Hara, R. B., Zimmermann, N. E., &
Rahbek, C. (2019). Standards for distribution models in biodi-
versity assessments. Science Advances, 5(1), 1-12. https://doi.
org/10.1126/sciadv.aat4858

Ajournal of the Society for Conservation Biology

Asadi Zarch, M. A., Sivakumar, B., Malekinezhad, H., &
Sharma, A. (2017). Future aridity under conditions of global cli-
mate change. Journal of Hydrology, 554, 451-469. https://doi.
0rg/10.1016/j.jhydrol.2017.08.043

Baisero, D., Visconti, P., Pacifici, M., Cimatti, M., & Rondinini, C.
(2020). Projected global loss of mammal habitat due to land-use
and climate change. One Earth, 2(6), 578-585. https://doi.org/
10.1016/j.oneear.2020.05.015

Beyer, R. M., Krapp, M., & Manica, A. (2020). High-resolution terres-
trial climate, bioclimate and vegetation for the last 120,000 years.
Scientific Data, 7(1), 1-9. https://doi.org/10.1038/s41597-020-0552-1

Beyer, R. M., & Manica, A. (2020). Historical and projected future
range sizes of the world's mammals, birds, and amphibians.
Nature Communications, 11(1), 1-8. https://doi.org/10.1038/
$41467-020-19455-9

Boucher, O., Servonnat, J., Albright, A. L., Aumont, O,
Balkanski, Y., Bastrikov, V., Bekki, S., Bonnet, R., Bony, S,
Bopp, L., Braconnot, P., Brockmann, P., Cadule, P., Caubel, A.,
Cheruy, F., Codron, F., Cozic, A., Cugnet, D., D'Andrea, F., ...
Vuichard, N. (2020). Presentation and evaluation of the IPSL-
CM6A-LR climate model. Journal of Advances in Modeling
Earth Systems, 12, e€2019MS002010. https://doi.org/10.1029/
2019MS002010

Braga, J., Pollock, L. J., Barros, C., Galiana, N., Montoya, J. M.,
Gravel, D., Maiorano, L., Montemaggiori, A., Ficetola, G. F.,
Dray, S., & Thuiller, W. (2019). Spatial analyses of multi-trophic
terrestrial vertebrate assemblages in Europe. Global Ecology
and Biogeography, 28(11), 1636-1648. https://doi.org/10.1111/
geb.12981

Broennimann, O., Fitzpatrick, M. C., Pearman, P. B., Petitpierre, B.,
Pellissier, L., Yoccoz, N. G., Thuiller, W., Fortin, M. J,
Randin, C., Zimmermann, N. E., Graham, C. H., & Guisan, A.
(2012). Measuring ecological niche overlap from occurrence and
spatial environmental data. Global Ecology and Biogeography,
21(4), 481-497. https://doi.org/10.1111/j.1466-8238.2011.00698.x

Brook, B. W., Sodhi, N. S., & Bradshaw, C. J. A. (2008). Synergies
among extinction drivers under global change. Trends in Ecol-
ogy and Evolution, 23(8), 453-460. https://doi.org/10.1016/j.
tree.2008.03.011

Brum, F. T., Graham, C. H., Costa, G. C., Hedges, S. B., Penone, C.,
Radeloff, V. C., Rondinini, C., Loyola, R., & Davidson, A. D.
(2017). Global priorities for conservation across multiple
dimensions of mammalian diversity. Proceedings of the National
Academy of Sciences of the United States of America, 114(29),
7641-7646. https://doi.org/10.1073/pnas.1706461114

Brunner, L., Pendergrass, A., Lehner, F., Merrifield, A,
Lorenz, R., & Knutti, R. (2020). Reduced global warming from
CMIP6 projections when weighting models by performance
and independence. Earth System Dynamics Discussions, 11(4),
995-1012. https://doi.org/10.5194/esd-2020-23

Clutton-Brock, J. (2015). A natural history of domesticated mam-
mals. Praehistorische Zeitschrift, 65(1), 73-76. https://doi.org/
10.1515/pz-1990-0115

Cooper, A., Turney, C. Hughen, K. A. Brook, B. W,
McDonald, H. G., & Bradshaw, C. J. A. (2015). Abrupt warming
events drove late Pleistocene Holarctic megafaunal turnover. Sci-
ence, 349(6248), 602-606. https://doi.org/10.1126/science.aac4315

Di Cola, V., Broennimann, O., Petitpierre, B., Breiner, F. T,
D'Amen, M., Randin, C., Engler, R., Pottier, J., Pio, D,


https://orcid.org/0000-0002-0117-5799
https://orcid.org/0000-0002-0117-5799
https://orcid.org/0000-0002-0117-5799
https://orcid.org/0000-0002-2957-8979
https://orcid.org/0000-0002-2957-8979
https://orcid.org/0000-0002-9829-8970
https://orcid.org/0000-0002-9829-8970
https://orcid.org/0000-0002-9829-8970
https://orcid.org/0000-0002-8902-4193
https://orcid.org/0000-0002-8902-4193
https://orcid.org/0000-0002-8902-4193
https://doi.org/10.1126/sciadv.aat4858
https://doi.org/10.1126/sciadv.aat4858
https://doi.org/10.1016/j.jhydrol.2017.08.043
https://doi.org/10.1016/j.jhydrol.2017.08.043
https://doi.org/10.1016/j.oneear.2020.05.015
https://doi.org/10.1016/j.oneear.2020.05.015
https://doi.org/10.1038/s41597-020-0552-1
https://doi.org/10.1038/s41467-020-19455-9
https://doi.org/10.1038/s41467-020-19455-9
https://doi.org/10.1029/2019MS002010
https://doi.org/10.1029/2019MS002010
https://doi.org/10.1111/geb.12981
https://doi.org/10.1111/geb.12981
https://doi.org/10.1111/j.1466-8238.2011.00698.x
https://doi.org/10.1016/j.tree.2008.03.011
https://doi.org/10.1016/j.tree.2008.03.011
https://doi.org/10.1073/pnas.1706461114
https://doi.org/10.5194/esd-2020-23
https://doi.org/10.1515/pz-1990-0115
https://doi.org/10.1515/pz-1990-0115
https://doi.org/10.1126/science.aac4315

12 of 14 Wl LEY— Conservation Science and Practice -

MENDEZ ANGARITA ET AL.

Ajournal of the Society for Conservation Biology

Dubuis, A., Pellissier, L., Mateo, R. G., Hordijk, W,
Salamin, N., & Guisan, A. (2017). Ecospat: An R package to
support spatial analyses and modeling of species niches and
distributions. Ecography, 40(6), 774-787. https://doi.org/10.
1111/ecog.02671

Di Marco, M., Ferrier, S., Harwood, T. D., Hoskins, A. J., &
Watson, J. E. M. (2019). Wilderness areas halve the extinction
risk of terrestrial biodiversity. Nature, 573(7775), 582-585.
https://doi.org/10.1038/s41586-019-1567-7

Di Marco, M., Pacifici, M., Maiorano, L., & Rondinini, C. (2021). Drivers
of change in the realised climatic niche of terrestrial mammals.
Ecography, 1-11, 1180-1190. https://doi.org/10.1111/ecog.05414

Diniz-Filho, J. A. F., De SanT'Ana, C. E. R., & Bini, L. M. (1998).
An eigenvector method for estimating phylogenetic inertia.
Evolution, 52(5), 1247-1262. https://doi.org/10.1111/j.1558-
5646.1998.tb02006.x

Dobrowski, S. Z., Littlefield, C. E., Lyons, D. S., Hollenberg, C.,
Carroll, C., Parks, S. A., Abatzoglou, J. T., Hegewisch, K., &
Gage, J. (2021). Protected-area targets could be undermined by
climate change-driven shifts in ecoregions and biomes. Com-
munications Earth & Environment, 2(1), 1-11. https://doi.org/
10.1038/s43247-021-00270-z

Elsen, P. R., & Tingley, M. W. (2015). Global mountain topography
and the fate of montane species under climate change. Nature Cli-
mate Change, 5(8), 772-776. https://doi.org/10.1038/nclimate2656

Estes, J. A., Terborgh, J., Brashares, J. S., Power, M. E., Berger, J.,
Bond, W. J., Carpenter, S. R., Essington, T. E., Holt, R. D.,
Jackson, J. B. C., Marquis, R. J., Oksanen, L., Oksanen, T.,
Paine, R. T., Pikitch, E. K., Ripple, W. J., Sandin, S. A.,
Scheffer, M., Schoener, T. W., ... Wardle, D. A. (2011). Trophic
downgrading of planet earth. Science, 333(6040), 301-306.
https://doi.org/10.1126/science.1205106

Faurby, S., Davis, M., Pedersen, R., Schowanek, S. D,
Antonelli, A., & Svenning, J. C. (2018). PHYLACINE 1.2: The
phylogenetic atlas of mammal macroecology. Ecology, 99(11),
2626. https://doi.org/10.1002/ecy.2443

Fick, S. E., & Hijmans, R. J. (2017). WorldClim 2: New 1-km spatial
resolution climate surfaces for global land areas. International
Journal of Climatology, 37(12), 4302-4315. https://doi.org/10.
1002/joc.5086

Foden, W. B., Butchart, S. H. M., Stuart, S. N., Vié, J. C,
Akcakaya, H. R., Angulo, A., DeVantier, L. M., Gutsche, A,
Turak, E., Cao, L., Donner, S. D., Katariya, V., Bernard, R.,
Holland, R. A., Hughes, A. F., O'Hanlon, S. E., Garnett, S. T,
Sekercioglu, C. H., & Mace, G. M. (2013). Identifying the
World's Most climate change vulnerable species: A systematic
trait-based assessment of all birds, amphibians and corals. PLoS
One, 8(6), €65427. https://doi.org/10.1371/journal.pone.0065427

Hoegh-Guldberg, O., Jacob, D., Taylor, M., Bindi, M., Brown, S.,
Camilloni, I, Diedhiou, A., Djalante, R., et al. (Achlatis
M. listed as contributing author) (2018). Chapter 3: Impacts of
1.5°C global warming on natural and human systems. In Global
Warming of 1.5°C. An IPCC special report on the impacts of
global warming of 1.5°C above preindustrial levels and related
global greenhouse gas emission pathways [...]. Special Report (pp.
175-311). Intergovernmental Panel on Climate Change, ISBN
978-92-9169-151-7.

Hoffmann, A. A., & Sgr6, C. M. (2011). Climate change and evolu-
tionary adaptation. Nature, 470(7335), 479-485. https://doi.org/
10.1038/nature09670

Hoffmann, M., Belant, J. L., Chanson, J. S., Cox, N. A,
Lamoreux, J., Rodrigues, A. S. L., Schipper, J., & Stuart, S. N.
(2011). The changing fates of the world's mammals. Philosophi-
cal Transactions of the Royal Society B: Biological Sciences,
366(1578), 2598-2610. https://doi.org/10.1098/rstb.2011.0116

Hulme, M. (2016). 1.5°C and climate research after the Paris
Agreement. Nature Climate Change, 6(3), 222-224. https://doi.
org/10.1038/nclimate2939

IPCC. (2021). Assessment report 6 climate change 2021: The physical
science basis. IPCC https://www.ipcc.ch/report/ar6/wgl/

TUCN. (2019). The IUCN red list of threatened species. Version
2019-2. http://www.iucnredlist.org. Downloaded on July 30, 2019.

Iwamura, T., Wilson, K. A., Venter, O., & Possingham, H. P. (2010).
A climatic stability approach to prioritizing global conservation
investments. PLoS One, 5(11), e15103. https://doi.org/10.1371/
journal.pone.0015103

Knutti, R., Masson, D., & Gettelman, A. (2013). Climate model
genealogy: Generation CMIP5 and how we got there. Geophysi-
cal Research Letters, 40(6), 1194-1199. https://doi.org/10.1002/
grl.50256

Loarie, S. R., Duffy, P. B., Hamilton, H., Asner, G. P., Field, C. B,, &
Ackerly, D. D. (2009). The velocity of climate change. Nature,
462(7276), 1052-1055. https://doi.org/10.1038/nature08649

Maiorano, L., Cheddadi, R., Zimmermann, N. E., Pellissier, L.,
Petitpierre, B., Pottier, J., Laborde, H., Hurdu, B. I,
Pearman, P. B., Psomas, A., Singarayer, J. S., Broennimann, O.,
Vittoz, P., Dubuis, A., Edwards, M. E., Binney, H. A., &
Guisan, A. (2013). Building the niche through time: Using
13,000 years of data to predict the effects of climate change on
three tree species in Europe. Global Ecology and Biogeography,
22(3), 302-317. https://doi.org/10.1111/j.1466-8238.2012.00767.X

Mammola, S., Carmona, C. P., Guillerme, T., & Cardoso, P. (2021).
Concepts and applications in functional diversity. Functional
Ecology, 35(9), 1869-1885. https://doi.org/10.1111/1365-2435.
13882

Mantyka-pringle, C. S., Martin, T. G., & Rhodes, J. R. (2012).
Interactions between climate and habitat loss effects on biodi-
versity: A systematic review and meta-analysis. Global Change
Biology, 18, 1239-1252. https://doi.org/10.1111/j.1365-2486.
2011.02593.x

McKay, D. 1. A, Staal, A., Abrams, J. F.,, Winkelmann, R,
Sakschewski, B., Loriani, S., Fetzer, I, Cornell, S. E,
Rockstrom, J., & Lenton, T. M. (2022). Exceeding 1.5°C global
warming could trigger multiple climate tipping points. Science,
377, 6611. https://doi.org/10.1126/science.abn7950

Mora, C., Frazier, A. G., Longman, R. J., Dacks, R. S., Walton, M. M.,
Tong, E. J., Sanchez, J. J., Kaiser, L. R., Stender, Y. O,
Anderson, J. M., Ambrosino, C. M., Fernandez-Silva, I.,
Giuseffi, L. M., & Giambelluca, T. W. (2013). The projected tim-
ing of climate departure from recent variability. Nature,
502(7470), 183-187. https://doi.org/10.1038/nature12540

Newbold, T. (2018). Future effects of climate and land-use change
on terrestrial vertebrate community diversity under different
scenarios. Proceedings of the Royal Society B: Biological Sciences,
285(1881), 20180792. https://doi.org/10.1098/rspb.2018.0792

Nogués-Bravo, D., Rodriguez-Sanchez, F., Orsini, L., de Boer, E.,
Jansson, R., Morlon, H., Fordham, D. A., & Jackson, S. T.
(2018). Cracking the code of biodiversity responses to past cli-
mate change. Trends in Ecology and Evolution, 33(10), 765-776.
https://doi.org/10.1016/j.tree.2018.07.005


https://doi.org/10.1111/ecog.02671
https://doi.org/10.1111/ecog.02671
https://doi.org/10.1038/s41586-019-1567-7
https://doi.org/10.1111/ecog.05414
https://doi.org/10.1111/j.1558-5646.1998.tb02006.x
https://doi.org/10.1111/j.1558-5646.1998.tb02006.x
https://doi.org/10.1038/s43247-021-00270-z
https://doi.org/10.1038/s43247-021-00270-z
https://doi.org/10.1038/nclimate2656
https://doi.org/10.1126/science.1205106
https://doi.org/10.1002/ecy.2443
https://doi.org/10.1002/joc.5086
https://doi.org/10.1002/joc.5086
https://doi.org/10.1371/journal.pone.0065427
https://doi.org/10.1038/nature09670
https://doi.org/10.1038/nature09670
https://doi.org/10.1098/rstb.2011.0116
https://doi.org/10.1038/nclimate2939
https://doi.org/10.1038/nclimate2939
https://www.ipcc.ch/report/ar6/wg1/
http://www.iucnredlist.org
https://doi.org/10.1371/journal.pone.0015103
https://doi.org/10.1371/journal.pone.0015103
https://doi.org/10.1002/grl.50256
https://doi.org/10.1002/grl.50256
https://doi.org/10.1038/nature08649
https://doi.org/10.1111/j.1466-8238.2012.00767.x
https://doi.org/10.1111/1365-2435.13882
https://doi.org/10.1111/1365-2435.13882
https://doi.org/10.1111/j.1365-2486.2011.02593.x
https://doi.org/10.1111/j.1365-2486.2011.02593.x
https://doi.org/10.1126/science.abn7950
https://doi.org/10.1038/nature12540
https://doi.org/10.1098/rspb.2018.0792
https://doi.org/10.1016/j.tree.2018.07.005

MENDEZ ANGARITA ET AL.

Conservation Science and Practice& —Wl L EY 13 of 14

O'Neill, B. C., Kriegler, E., Ebi, K. L., Kemp-Benedict, E., Riahi, K.,
Rothman, D. S., van Ruijven, B. J., van Vuuren, D. P,
Birkmann, J., Kok, K., Levy, M., & Solecki, W. (2017). The
roads ahead: Narratives for shared socioeconomic pathways
describing world futures in the 21st century. Global Environ-
mental Change, 42, 169-180. https://doi.org/10.1016/j.
gloenvcha.2015.01.004

O'Neill, B. C., Kriegler, E., Riahi, K., Ebi, K. L., Hallegatte, S.,
Carter, T. R., Mathur, R., & van Vuuren, D. P. (2014). A new
scenario framework for climate change research: The concept
of shared socioeconomic pathways. Climatic Change, 122(3),
387-400. https://doi.org/10.1007/s10584-013-0905-2

O'Neill, B. C., Tebaldi, C., Van Vuuren, D. P., Eyring, V.,
Friedlingstein, P., Hurtt, G., Knutti, R., Kriegler, E.,
Lamarque, J. F., Lowe, J., Meehl, G. A., Moss, R., Riahi, K., &
Sanderson, B. M. (2016). The Scenario Model Intercomparison
Project (ScenarioMIP) for CMIP6. Geoscientific Model Develop-
ment, 9(9), 3461-3482. https://doi.org/10.5194/gmd-9-3461-2016

Olson, D. M., Dinerstein, E., Wikramanayake, E. D., Burgess, N. D.,
Powell, G. V. N., Underwood, E. C., D'Amico, J. A., Itoua, L,
Strand, H. E., Morrison, J. C., Loucks, C. J., Allnutt, T. F,,
Ricketts, T. H., Kura, Y., Lamoreux, J. F., Wettengel, W. W.,
Hedao, P., & Kassem, K. R. (2001). Terrestrial ecoregions of the
world: A new map of life on Earth. Bioscience, 51(11), 933-938.
https://doi.org/10.1641/0006-3568(2001)051[0933: TEOTWA]2.
0.CO;2

Pacifici, M., Foden, W. B., Visconti, P., Watson, J. E. M,,
Butchart, S. H. M., Kovacs, K. M., Scheffers, B. R., Hole, D. G.,
Martin, T. G., Akcakaya, H. R., Corlett, R. T., Huntley, B.,
Bickford, D., Carr, J. A., Hoffmann, A. A., Midgley, G. F,,
Pearce-Kelly, P., Pearson, R. G., Williams, S. E,
Rondinini, C. (2015). Assessing species vulnerability to climate
change. Nature Climate Change, 5(3), 215-225. https://doi.org/
10.1038/nclimate2448

Pacifici, M., Visconti, P., & Rondinini, C. (2018). A framework for
the identification of hotspots of climate change risk for mam-
mals. Global Change Biology, 24(4), 1626-1636. https://doi.org/
10.1111/gcb.13942

Parmesan, C. (2006). Ecological and evolutionary responses to
recent climate change. Annual Review of Ecology, Evolution,
and Systematics, 37, 637-669. https://doi.org/10.1146/annurev.
ecolsys.37.091305.110100

Pereira, A. H. M,, Rosa, I. M. D., Martins, . S., Kim, H., Leadley, P.,
Popp, A., van Vuuren, D. P., Hurtt, G., Anthoni, P., Arneth, A.,
Baisero, D., Chaplin-Kramer, R., Chini, L., Di Fulvio, F., Di
Marco, M., Ferrier, S., Fujimori, S., Guerra, C. A,, ... Alkemade,
R. (2020). Global trends in biodiversity and ecosystem services
from 1900 to 2050. bioRxiv, 2020.04.14.031716. https://doi.org/
10.1101/2020.04.14.031716

Peters, G. P., Marland, G., Le Quéré, C., Boden, T., Canadell, J. G.,
& Raupach, M. R. (2012). Rapid growth in CO2 emissions after
the 2008-2009 global financial crisis. Nature Climate Change, 2
(1), 2-4. https://doi.org/10.1038/nclimate1332

Pollock, L. J., Thuiller, W., & Jetz, W. (2017). Large conservation
gains possible for global biodiversity facets. Nature, 546(7656),
141-144. https://doi.org/10.1038/nature22368

Le Quéré, C., Peters, G. P., Friedlingstein, P., Andrew, R. M.,
Canadell, J. G., Davis, S. J., Jackson, R. B., & Jones, M. W.
(2021). Fossil CO2 emissions in the post-COVID-19 era. Nature

Ajournal of the Society for Conservation Biology

Climate Change, 11, 197-199. https://doi.org/10.1038/s41558-
021-01001-0

R Core Team. (2020). R: A language and environment for statistical
computing. R Foundation for Statistical Computing https://
WWW.r-project.org/

Riahi, K., Rao, S., Krey, V., Cho, C., Chirkov, V., Fischer, G.,
Kindermann, G., Nakicenovic, N., & Rafaj, P. (2011). RCP
8.5—A scenario of comparatively high greenhouse gas emis-
sions. Climatic Change, 109(1), 33-57. https://doi.org/10.1007/
$10584-011-0149-y

Riahi, K., van Vuuren, D. P., Kriegler, E., Edmonds, I,
O'Neill, B. C., Fujimori, S., Bauer, N., Calvin, K., Dellink, R.,
Fricko, O., Lutz, W., Popp, A., Cuaresma, J. C., Samir, K. C,,
Leimbach, M., Jiang, L., Kram, T., Rao, S., Emmerling, J., ...
Tavoni, M. (2017). The Shared Socioeconomic Pathways and
their energy, land use, and greenhouse gas emissions implica-
tions: An overview. Global Environmental Change, 42, 153-168.
https://doi.org/10.1016/j.gloenvcha.2016.05.009

Safi, K., Armour-Marshall, K., Baillie, J. E. M., & Isaac, N. J. B.
(2013). Global patterns of evolutionary distinct and globally
endangered amphibians and mammals. PLoS One, 8(5), 4-12.
https://doi.org/10.1371/journal.pone.0063582

Scheffers, B. R., De Meester, L., Bridge, T. C. L., Hoffmann, A. A,
Pandolfi, J. M., Corlett, R. T., Butchart, S. H. M., Pearce-
Kelly, P., Kovacs, K. M., Dudgeon, D., Pacifici, M.,
Rondinini, C., Foden, W. B., Martin, T. G., Mora, C.,
Bickford, D., & Watson, J. E. M. (2016). The broad footprint of
climate change from genes to biomes to people. Science, 354
(6313), aaf7671. https://doi.org/10.1126/science.aaf7671

Sibarani, M. C., Di Marco, M., Rondinini, C., & Kark, S. (2019).
Measuring the surrogacy potential of charismatic megafauna
species across taxonomic, phylogenetic and functional diversity
on a megadiverse island. Journal of Applied Ecology, 56(5),
1220-1231. https://doi.org/10.1111/1365-2664.13360

Soria, C. D., Pacifici, M., Di Marco, M., Stephen, S. M., &
Rondinini, C. (2021). COMBINE: A coalesced mammal data-
base of intrinsic and extrinsic traits. Ecology, 102(6), 13028255.
https://doi.org/10.1002/ecy.3344

Stevens, G. C. (1989). The latitudinal gradient in geographical
range: How so many species coexist in the tropics. American
Naturalist, 133(2), 240-256. https://doi.org/10.1086/284913

Tatebe, H., Ogura, T., Nitta, T., Komuro, Y., Ogochi, K,
Takemura, T., Sudo, K., Sekiguchi, M., Abe, M., Saito, F.,
Chikira, M., Watanabe, S., Mori, M., Hirota, N., Kawatani, Y.,
Mochizuki, T., Yoshimura, K., Takata, K., O'Ishi, R., ...
Kimoto, M. (2019). Description and basic evaluation of simu-
lated mean state, internal variability, and climate sensitivity in
MIROCS. Geoscientific Model Development, 12(7), 2727-2765.
https://doi.org/10.5194/gmd-12-2727-2019

Tebaldi, C., Debeire, K., Eyring, V., Fischer, E., Fyfe, I,
Friedlingstein, P., Knutti, R., Lowe, J., O'Neill, B,
Sanderson, B., van Vuuren, D., Riahi, K., Meinshausen, M.,
Nicholls, Z., Hurtt, G., Kriegler, E., Lamarque, J.-F., Meehl, G.,
Moss, R, ... Ziehn, T. (2020). Climate model projections from
the Scenario Model Intercomparison Project (ScenarioMIP) of
CMIP6. Earth System Dynamics Discussions, 12(1), 253-293.
https://doi.org/10.5194/esd-12-253-2021

Thomson, A. M., Calvin, K. V., Smith, S. J., Kyle, G. P., Volke, A,,
Patel, P., Delgado-Arias, S., Bond-Lamberty, B., Wise, M. A.,


https://doi.org/10.1016/j.gloenvcha.2015.01.004
https://doi.org/10.1016/j.gloenvcha.2015.01.004
https://doi.org/10.1007/s10584-013-0905-2
https://doi.org/10.5194/gmd-9-3461-2016
https://doi.org/10.1641/0006-3568(2001)051%5B0933:TEOTWA%5D2.0.CO;2
https://doi.org/10.1641/0006-3568(2001)051%5B0933:TEOTWA%5D2.0.CO;2
https://doi.org/10.1038/nclimate2448
https://doi.org/10.1038/nclimate2448
https://doi.org/10.1111/gcb.13942
https://doi.org/10.1111/gcb.13942
https://doi.org/10.1146/annurev.ecolsys.37.091305.110100
https://doi.org/10.1146/annurev.ecolsys.37.091305.110100
https://doi.org/10.1101/2020.04.14.031716
https://doi.org/10.1101/2020.04.14.031716
https://doi.org/10.1038/nclimate1332
https://doi.org/10.1038/nature22368
https://doi.org/10.1038/s41558-021-01001-0
https://doi.org/10.1038/s41558-021-01001-0
https://www.r-project.org/
https://www.r-project.org/
https://doi.org/10.1007/s10584-011-0149-y
https://doi.org/10.1007/s10584-011-0149-y
https://doi.org/10.1016/j.gloenvcha.2016.05.009
https://doi.org/10.1371/journal.pone.0063582
https://doi.org/10.1126/science.aaf7671
https://doi.org/10.1111/1365-2664.13360
https://doi.org/10.1002/ecy.3344
https://doi.org/10.1086/284913
https://doi.org/10.5194/gmd-12-2727-2019
https://doi.org/10.5194/esd-12-253-2021

MENDEZ ANGARITA ET AL.

14 of 14 Wl LEY— Conservation Science and Practice -

Ajournal of the Society for Conservation Biology

Clarke, L. E., & Edmonds, J. A. (2011). RCP4.5: A pathway for
stabilization of radiative forcing by 2100. Climatic Change,
109(1), 77-94. https://doi.org/10.1007/s10584-011-0151-4

Thuiller, W., Maiorano, L., Mazel, F., Guilhaumon, F.,
Ficetola, G. F., Lavergne, S., Renaud, J.,, Roquet, C., &
Mouillot, D. (2015). Conserving the functional and phyloge-
netic trees of life of European tetrapods. Philosophical Transac-
tions of the Royal Society B: Biological Sciences, 370(1662), 1-12.
https://doi.org/10.1098/RSTB.2014.0005

Tokarska, K. B., Stolpe, M. B., Sippel, S., Fischer, E. M,
Smith, C. J., Lehner, F., & Knutti, R. (2020). Past warming
trend constrains future warming in CMIP6 models. Science
Advances, 6(12), 1-14. https://doi.org/10.1126/sciadv.aaz9549

Trisos, C. H., Merow, C., & Pigot, A. L. (2020). The projected timing
of abrupt ecological disruption from climate change. Nature,
580(7804), 496-501. https://doi.org/10.1038/s41586-020-2189-9

United Nations. (2015). Paris Agreement. https://unfccc.int/sites/default/
files/english_paris_agreement.pdf. Accessed September 20, 2020.

van Vuuren, D. P., Edmonds, J. A., Kainuma, M., Riahi, K., &
Weyant, J. (2011a). A special issue on the RCPs. Climatic
Change, 109(1), 1-4. https://doi.org/10.1007/s10584-011-0157-y

van Vuuren, D. P., Stehfest, E., den Elzen, M. G. J., Kram, T., van
Vliet, J., Deetman, S., Isaac, M., Goldewijk, K. K., Hof, A.,
Beltran, A. M., Oostenrijk, R., & van Ruijven, B. (2011b).
RCP2.6: Exploring the possibility to keep global mean tempera-
ture increase below 2°C. Climatic Change, 109(1), 95-116.
https://doi.org/10.1007/s10584-011-0152-3

Visconti, P., Bakkenes, M., Baisero, D., Brooks, T., Butchart, S. H. M.,
Joppa, L., Alkemade, R., Di Marco, M., Santini, L., Hoffmann, M.,
Maiorano, L., Pressey, R. L., Arponen, A., Boitani, L., Reside, A. E.,
van Vuuren, D. P., & Rondinini, C. (2016). Projecting global biodi-
versity indicators under future development scenarios. Conserva-
tion Letters, 9(1), 5-13. https://doi.org/10.1111/conl.12159

Warren, R., Price, J., Graham, E., Forstenhaeusler, N., &
VanDerWal, J. (2018). The projected effect on insects, verte-
brates, and plants of limiting global warming to 1.5°C rather

than 2°C. Science, 360(6390), 791-795. https://doi.org/10.1126/
science.aar3646

Williams, J. W., Jackson, S. T., & Kutzbach, J. E. (2007). Projected
distributions of novel and disappearing climates by 2100 AD.
Proceedings of the National Academy of Sciences of the
United States of America, 104, 5738-5742. https://doi.org/10.
1073/pnas.0606292104

Wu, T., Lu, Y., Fang, Y., Xin, X, Li, L., Li, W., Jie, W., Zhang, J.,
Liu, Y., Zhang, L., Zhang, F., Zhang, Y., Wu, F., Li, J., Chu, M.,
Wang, Z., Shi, X., Liu, X., Wei, M., ... Liu, X. (2019). The Beijing
Climate Center Climate System Model (BCC-CSM): The main
progress from CMIP5 to CMIP6. Geoscientific Model Develop-
ment, 12(4), 1573-1600. https://doi.org/10.5194/gmd-12-1573-
2019

Zupan, L., Cabeza, M., Maiorano, L., Roquet, C., Devictor, V.,
Lavergne, S., Mouillot, D., Mouquet, N., Renaud, J., &
Thuiller, W. (2014). Spatial mismatch of phylogenetic diversity
across three vertebrate groups and protected areas in Europe.
Diversity and Distributions, 20(6), 674—-685. https://doi.org/10.
1111/DDI.12186

SUPPORTING INFORMATION

Additional supporting information can be found online
in the Supporting Information section at the end of this
article.

How to cite this article: Mendez Angarita, V. Y.,
Maiorano, L., Dragonetti, C., & Di Marco, M.
(2023). Implications of exceeding the Paris
Agreement for mammalian biodiversity.
Conservation Science and Practice, €12889. https://
doi.org/10.1111/csp2.12889



https://doi.org/10.1007/s10584-011-0151-4
https://doi.org/10.1098/RSTB.2014.0005
https://doi.org/10.1126/sciadv.aaz9549
https://doi.org/10.1038/s41586-020-2189-9
https://unfccc.int/sites/default/files/english_paris_agreement.pdf
https://unfccc.int/sites/default/files/english_paris_agreement.pdf
https://doi.org/10.1007/s10584-011-0157-y
https://doi.org/10.1007/s10584-011-0152-3
https://doi.org/10.1111/conl.12159
https://doi.org/10.1126/science.aar3646
https://doi.org/10.1126/science.aar3646
https://doi.org/10.1073/pnas.0606292104
https://doi.org/10.1073/pnas.0606292104
https://doi.org/10.5194/gmd-12-1573-2019
https://doi.org/10.5194/gmd-12-1573-2019
https://doi.org/10.1111/DDI.12186
https://doi.org/10.1111/DDI.12186
https://doi.org/10.1111/csp2.12889
https://doi.org/10.1111/csp2.12889

	Implications of exceeding the Paris Agreement for mammalian biodiversity
	1  INTRODUCTION
	2  METHODS
	2.1  Climate data
	2.2  Estimates of bioclimatic space loss under different emission scenarios
	2.3  Measuring the biodiversity content of each biome

	3  RESULTS
	3.1  The bioclimatic space loss of the terrestrial biomes
	3.2  Climate risk for biomes with high biodiversity content

	4  DISCUSSION
	ACKNOWLEDGEMENTS
	DATA AVAILABILITY STATEMENT

	REFERENCES


