
Citation: Sciurti, A.; Baccolini, V.;

Ceparano, M.; Isonne, C.; Migliara,

G.; Iera, J.; Alessandri, F.; Ceccarelli,

G.; Marzuillo, C.; Tellan, G.; et al.

Incidence and Predictors of

Healthcare-Associated Infections in

Patients Admitted to a Temporary

Intensive Care Unit during the

COVID-19 Pandemic Waves: A

Two-Year (2021–2023) Retrospective

Cohort Study in Rome, Italy.

Antibiotics 2024, 13, 842. https://

doi.org/10.3390/antibiotics13090842

Academic Editor: Masafumi Seki

Received: 31 July 2024

Revised: 20 August 2024

Accepted: 30 August 2024

Published: 4 September 2024

Copyright: © 2024 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license (https://

creativecommons.org/licenses/by/

4.0/).

antibiotics

Article

Incidence and Predictors of Healthcare-Associated Infections in
Patients Admitted to a Temporary Intensive Care Unit during
the COVID-19 Pandemic Waves: A Two-Year (2021–2023)
Retrospective Cohort Study in Rome, Italy
Antonio Sciurti 1 , Valentina Baccolini 1,* , Mariateresa Ceparano 1, Claudia Isonne 1 , Giuseppe Migliara 2,
Jessica Iera 1,3, Francesco Alessandri 4 , Giancarlo Ceccarelli 1 , Carolina Marzuillo 1 , Guglielmo Tellan 4 ,
Maria De Giusti 1, Francesco Pugliese 4,5 , Paolo Villari 1 and the Collaborating Group 1,†

1 Department of Public Health and Infectious Diseases, Sapienza University of Rome, 00185 Rome, Italy;
paolo.villari@uniroma1.it (P.V.)

2 Department of Life Sciences, Health, and Health Professions, Link Campus University, 00165 Rome, Italy
3 Management and Health Laboratory, Institute of Management, Department EMbeDS, Sant’Anna School of

Advanced Studies, 56127 Pisa, Italy
4 Department of Anaesthesia and Intensive Care Medicine, Umberto I Teaching Hospital, Sapienza University

of Rome, 00185 Rome, Italy
5 Department of General and Specialist Surgery “P. Stefanini”, Sapienza University of Rome, 00185 Rome, Italy
* Correspondence: valentina.baccolini@uniroma1.it
† Members of the Collaborating Group are indicated in the Acknowledgments section.

Abstract: To manage the number of critical COVID-19 patients, Umberto I Teaching Hospital in Rome
established a temporary ICU on March 1, 2021. This study investigated the incidence and risk factors
of healthcare-associated infections (HAIs) among these patients during various COVID-19 waves.
Patients were grouped by admission date according to the dominant SARS-CoV-2 variant prevalent
at the time (Alpha, Delta, Omicron BA.1, Omicron BA.2, Omicron BA.5, and Omicron XBB). First-HAI
and mortality rates were calculated per 1000 patient-days. Predictors of first-HAI occurrence were
investigated using a multivariable Fine–Gray regression model considering death as a competing
event. Among 355 admitted patients, 27.3% experienced at least one HAI, and 49.6% died. Patient
characteristics varied over time, with older and more complex cases in the later phases, while HAI
and mortality rates were higher in the first year. Pathogens responsible for HAIs varied over time,
with first Acinetobacter baumannii and then Klebsiella pneumoniae being progressively predominant.
Multivariable analysis confirmed that, compared to Alpha, admission during the Omicron BA.1, BA.2,
BA.5, and XBB periods was associated with lower hazards of HAI. Despite worsening COVID-19
patient conditions, late-phase HAI rates decreased, likely due to evolving pathogen characteristics,
improved immunity, but also better clinical management, and adherence to infection prevention
practices. Enhanced HAI prevention in emergency situations is crucial.

Keywords: healthcare-associated infections; COVID-19; infection prevention and control; Acinetobacter
baumannii

1. Introduction

Italy was one of the first countries to face the acute phase of the SARS-CoV-2 pandemic,
which exerted significant pressure on the national healthcare service. The capacity to
manage critically ill patients was soon strained, with intensive care units (ICUs) reaching
capacity in the early months of 2020 [1,2]. In response to the overwhelming demand
and in anticipation of subsequent pandemic waves, hundreds of additional hospital beds
were created all over the country, including temporary wards [3]. Similarly to other
countries, temporary ICUs were set up to address the shortage of critical care beds, either
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by adapting existing non-ICU wards in hospitals [4–7] and non-medical facilities [8,9] or by
building new structures from the ground up [10]. Training and reassignment of medical
and nursing personnel to operate within these ICUs was also a key strategy [4,5,7,10],
leading to enhanced flexibility in the healthcare response and the optimization of resource
allocation [11].

Within this emergency context, maintaining optimal infection prevention and control
(IPC) practices and preventing the transmission of infectious agents within healthcare
settings was a challenge: despite best efforts, the sheer volume of patients overwhelmed
these facilities and often exceeded their intended capacities, resulting in high patient
density and limited space for isolation, or inadequate areas for putting on and taking off
-personal protective equipment [12,13]. In addition, the occurrence of healthcare-associated
infections (HAIs) was facilitated in ICU-hospitalized COVID-19 patients, who were found to
be particularly vulnerable to superinfections compared to non-COVID-19 patients, as they
often required invasive procedures and had prolonged hospital stays [14–19]. Furthermore,
the frequent use of antibiotics in these patients, especially at the beginning of the pandemic,
seems to have increased antimicrobial resistance and the incidence of multidrug-resistant
organisms [20], exacerbating the situation further.

Several studies have already investigated the occurrence of HAIs among patients
diagnosed with COVID-19 who were admitted to ICUs, confirming higher levels of antimi-
crobial resistance [21] and a negative impact of HAIs on the survival of these patients [22,23].
However, the impact of the different COVID-19 waves on the occurrence and characteristics
of HAIs in ICU patients has not yet been fully explored [24], particularly in specific settings
such as temporary ICUs. Therefore, the aims of this retrospective cohort study were to
quantify the incidence of HAIs in COVID-19 patients admitted to a temporary ICU at
Umberto I Teaching Hospital of Rome over the two-year period following its establishment,
and to investigate the factors associated with the occurrence of HAIs. To the best of our
knowledge, this is the first study investigating the occurrence of HAIs in this setting during
the COVID-19 pandemic.

2. Materials and Methods
2.1. Patients and Data Collection

We retrospectively analysed patients admitted to a temporary ICU of the Umberto
I Teaching Hospital of Rome from the 1st March 2021 (i.e., the day it opened) to the 30th
of June 2023 (i.e., the day the last patient was admitted to the ICU). The follow-up was
extended until the last patient was discharged from the ICU (i.e., 15th July 2023, the day
it closed). This temporary ICU was set up in a prefabricated facility, connected by a
tunnel to the hospital. Data on ICU patients and HAIs were retrieved from the active HAI
surveillance system that was conducted on the ward. The detailed methodology of such a
surveillance system is described elsewhere [25]. In short, diagnostic criteria for detecting
HAIs were derived from the National Healthcare Safety Network of the Center for Disease
Control [26] and the European Centre for Disease Prevention and Control [27] protocols.
All patients hospitalized to the ICU for a minimum of two consecutive days underwent
monitoring until their discharge from the ICU. The onset of blood infections related to
central lines (catheter-related bloodstream infections, CRBSIs), pneumonias associated
with mechanical ventilation (ventilation-associated pneumonias, VAPs), and urinary tract
infections associated with bladder catheters (catheter-associated urinary tract infections,
CAUTIs) occurring from 48 h after insertion of the device was registered. Additionally, the
surveillance system recorded data on the occurrence of bloodstream infections of unknown
origin (BUOs) and surgical site infections (SSIs) arising either 48 h after ICU admission
or within 30 days post-surgery, respectively. BUOs are specifically defined as laboratory-
confirmed bloodstream infections not resulting from an infection originating at another
body site [27], while SSIs are infections occurring in proximity to or at the incision site
and/or deeper tissue spaces [26].
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Patient information was systematically gathered through a structured form compris-
ing four sections: (1) patient demographics and hospitalization details (including ICU
admission date, admission type, discharge date, discharge status, coexisting conditions,
simplified acute physiology score II [SAPS II], and presence of COVID-19 pneumonia);
(2) exposure to invasive devices, i.e., start and end date of urinary catheterization, central
venous catheterization, and mechanical ventilation, including whether these devices were
in use within 48 h prior to the onset of infection; (3) antibiotic treatment, including the
drug administered and the start and end dates of treatment for each drug; (4) diagnosed
HAIs and related microbiological cultures, including the infection site, onset date, and mi-
crobiological confirmation details (sample collection date and identified microorganisms).
The antimicrobial susceptibility profiles of microorganisms were determined based on the
classification proposed by Magiorakos et al, where applicable [28]. Laboratory confirmation
of SARS-CoV-2 infection is defined as a positive result of a real-time reverse transcription
polymerase chain reaction assay of nasal and pharyngeal swabs [29].

Patients were classified according to ICU admission date into the corresponding period
of dominance of SARS-CoV-2 variants in Italy. Cut-off dates between periods of SARS-CoV-
2 variant dominance were conventionally defined based on when one variant was reported
to have become dominant over the others, according to the reports provided by the Italian
National Institute of Health [30], as follows: (1) Alpha period (from 28 December 2020 to
18 June 2021); (2) Delta period (from 19 June 2021 to 31 December 2021); (3) Omicron BA.1
period (from 1 January 2022 to 12 March 2022); (4) Omicron BA.2 period (from 13 March
2022 to 6 June 2022); (5) Omicron BA.5 period (from 7 June 2022 to 12 February 2023); and
(6) Omicron XBB period (from 13 February 2023 to 15 July 2023).

The institutional ethics committee of the Umberto I Teaching Hospital of Rome re-
viewed and approved this study (reference number 0282/2024).

The study was reported according to the STROBE checklist for cohort studies [31]
(Table S1).

2.2. Statistical Analysis

Descriptive statistics by period of SARS-CoV-2 variant dominance were obtained using
mean and standard deviation (SD) for continuous variables and proportions for dichoto-
mous and categorical variables, while their association with the variant periods was tested
using the Kruskal–Wallis and Pearson’s chi-squared tests, as appropriate. The first-HAI
and mortality rates, with their 95% confidence intervals (95% CIs), were estimated per 1000
patient-days by period of SARS-CoV-2 variant dominance assuming a Poisson distribution.
For this study, we defined the use of invasive devices (i.e., urinary catheterization, central
venous catheterization, and mechanical ventilation) as having used any device for at least
two consecutive days. Similarly, antibiotic consumption was coded as having used any
antibiotic agent for at least two consecutive days in a systemic administration (i.e., enteral
or parenteral) for a different clinical reason than the first HAI in the time period from ICU
admission to the day before HAI onset or to the date of discharge.

Considering the event of death as a competitive event, a competing-risk regression
model was used to explore the effect of the SARS-CoV-2 variant dominance period on
first-HAI occurrence. Specifically, a multivariable Fine–Gray regression model for propor-
tional hazards was used, providing estimates of the sub-distribution hazard ratio (SHR)
(i.e., the relative change in the instantaneous rate of the occurrence of the event in those
subjects who were event-free or who had experienced the competitive event) and its as-
sociated 95% CI [32,33]. The main exposure of interest (i.e., the period of SARS-CoV-2
variant dominance) was adjusted for the potential confounders of the association, based
on expert knowledge [34]. Only the most frequent antibiotic exposures (i.e., carbapenems,
glycopeptides, penicillins) were included in the model. Missing SAPS II values (35.5%)
were imputed using univariate multiple imputation, applying a truncated multivariable
linear regression model that constrained imputations between 0 and 163, the minimum and
maximum possible SAPS II scores. Along with the outcome, all variables from the multivari-
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able survival analysis were incorporated into the imputation models. To address the high
rate of missing data, 20 imputed datasets were generated. [35]. As a result, the final models
included the following variables: period of SARS-CoV-2 variant dominance (Alpha, Delta,
Omicron BA.1, Omicron BA.2, Omicron BA.5, and Omicron XBB periods); age (continuous,
years); gender (female or male); SAPS II (continuous); coexisting conditions (no coexisting
condition, one coexisting condition, two coexisting conditions or more); being intubated
at admission (non-intubated, intubated with COVID-19 pneumonia, intubated for other
reasons); use of carbapenems before first HAI (continuous, days); use of glycopeptides
before first HAI (continuous, days); and use of penicillins before first HAI (continuous,
days). Interaction terms between the variables were tested with statistical significance set
at <0.05. The proportionality assumption was checked by testing the statistical significance
of interaction terms involving failure time, one term at a time.

All analyses were performed using STATA (StataCorp LLC, 4905 Lakeway Drive,
College Station, TX, USA), version 17.0. A two-sided p-value < 0.05 was considered
statistically significant.

3. Results
3.1. Characteristics of Patients

From the 1st March 2021 to 30th June 2023, 355 patients were hospitalized in the
temporary ICU of the Umberto I Teaching Hospital of Rome. Admissions decreased
over time, with peaks in March 2021, November 2021, December 2021, and January 2022
(Figure 1).
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Figure 1. ICU-admitted patients per month (N = 355) by period of SARS-CoV-2 variant dominance.
The dashed vertical lines denote the date when the SARS-CoV-2 vaccine, both primary cycle and
booster doses, became available to the population, based on age groups in the Lazio Region.

Accordingly, the number of admitted patients decreased from the Alpha (N = 66)
to the Omicron XBB dominance periods (N = 38), with the exception of Omicron BA.5
(N = 107). Cumulative patient-days from admission ranged from 658 (Omicron BA.2) to
1765 (Omicron BA.5) (Table 1).

Males were consistently predominant (54.5–75.6%, p = 0.258), but the characteristics of
hospitalized patients varied significantly across study periods, examples being mean age
(increasing from 60.3 ± 12.9 years in the first period to 72.5 ± 14.6 years in the last period,
p < 0.001), source of admission (emergency department varied from 71.1% during Omicron
BA.1 to 35.5% during BA.5, p < 0.001), and number of coexisting conditions (patients with
two or more conditions increased from 19.7% during Alpha to 52.6% during Omicron
XBB). As for the type of coexisting condition, hypertension was the most prevalent across
the study periods, increasing significantly from 30.3% in the Alpha period to 57.9% in
the Omicron XBB months, followed by diabetes, whose prevalence was stable (p = 0.235).
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Approximately one quarter of the patients had a chronic heart condition during Omicron
XBB or an active neoplasm during Omicron BA.2 and BA.5.

Table 1. Patient (N = 355) characteristics by period of SARS-CoV-2 variant dominance.

Period of SARS-CoV-2 Variant Dominance

Alpha Delta Omicron
BA.1

Omicron
BA.2

Omicron
BA.5 Omicron XBB

p-Value
1 Mar 2021–
18 Jun 2021

19 Jun 2021–31
Dec 2021

1 Jan 2022–
12 Mar 2022

13 Mar 2022–
6 Jun 2022

7 Jun 2022–
12 Feb 2023

13 Feb 2023–15
Jul 2023

Patients, N 66 53 45 46 107 38

Cumulative patient-days
from admission 978 789 825 658 1765 726

Age, mean (SD) 60.3 (12.9) 64.4 (11.0) 64.8 (11.5) 68.7 (16.3) 69.5 (13.3) 72.5 (14.6) <0.001

Age, median (IQR) 61.1
(49.5–70.8) 64.5 (55.2–72.3) 66.0

(59.1–73.6)
72.7

(60.7–82.5)
72.1

(61.6–78.9) 75.1 (64.4–84.1)

Gender, N (%)
Female 25 (37.9) 18 (34.0) 11 (24.4) 15 (32.6) 31 (29.0) 18 (47.4) 0.258
Male 41 (62.1) 35 (66.0) 34 (75.6) 31 (67.4) 76 (71.0) 20 (52.6)

Type of admission to ICU, N
(%) <0.001

Other hospital 2 (3.0) 6 (11.3) 7 (15.6) 9 (19.6) 35 (32.7) 12 (31.6)
Other ward 19 (28.8) 17 (32.1) 2 (4.4) 10 (21.7) 26 (24.3) 5 (13.2)
Emergency department 39 (59.1) 29 (54.7) 32 (71.1) 21 (45.7) 38 (35.5) 20 (52.6)
Other 6 (9.1) 1 (1.9) 4 (8.9) 6 (13.0) 8 (7.5) 1 (2.6)

Coexisting conditions, N (%) <0.001
No condition 36 (54.5) 24 (45.3) 18 (40.0) 6 (13.0) 24 (22.4) 7 (18.4)
One condition 17 (25.8) 13 (24.5) 11 (24.4) 18 (39.1) 36 (33.6) 11 (28.9)
Two conditions or more 13 (19.7) 16 (30.2) 16 (35.6) 22 (47.8) 47 (43.9) 20 (52.6)

Coexisting conditions, N (%)
Hypertension 20 (30.3) 24 (45.3) 20 (44.4) 26 (56.5) 55 (51.4) 22 (57.9) 0.036
Diabetes mellitus 9 (13.6) 7 (13.2) 9 (20.0) 10 (21.7) 27 (25.2) 11 (28.9) 0.235
Obesity 5 (7.6) 8 (15.1) 5 (11.1) 5 (10.9) 4 (3.7) 2 (5.3) 0.18
COPD 2 (3.0) 1 (1.9) 5 (11.1) 11 (23.9) 12 (11.2) 6 (15.8) 0.003
Asthma 1 (1.5) 2 (3.8) 2 (4.4) 0 (0.0) 1 (0.9) 0 (0.0) 0.385
Bronchiectasis 0 (0.0) 0 (0.0) 0 (0.0) 1 (2.2) 0 (0.0) 0 (0.0) 0.241
Pulmonary fibrosis 0 (0.0) 0 (0.0) 0 (0.0) 0 (0.0) 1 (0.9) 0 (0.0) 0.803
Chronic heart disease 3 (4.5) 2 (3.8) 3 (6.7) 2 (4.3) 5 (4.7) 10 (26.3) <0.001
Chronic kidney disease 1 (1.5) 3 (5.7) 5 (11.1) 10 (21.7) 22 (20.6) 2 (5.3) <0.001
Chronic liver disease 0 (0.0) 0 (0.0) 0 (0.0) 1 (2.2) 0 (0.0) 0 (0.0) 0.241
Active neoplasm 5 (7.6) 4 (7.5) 4 (8.9) 12 (26.1) 28 (26.2) 4 (10.5) 0.001
Neutropenia 0 (0.0) 0 (0.0) 0 (0.0) 1 (2.2) 0 (0.0) 0 (0.0) 0.241
Organ transplantation 0 (0.0) 1 (1.9) 0 (0.0) 0 (0.0) 1 (0.9) 0 (0.0) 0.696

SAPS II, mean (SD) (N = 229) 28.7 (11.2) 38.7 (9.4) 59.0 (-) 40.8 (17.3) 41.7 (16.3) 37.2 (15.7) NA

Intubated at admission, N (%) <0.001
Non-intubated 55 (83.3) 30 (56.6) 26 (57.8) 29 (63.0) 55 (51.4) 24 (63.2)
Intubated, other reasons 2 (3.0) 2 (3.8) 6 (13.3) 12 (26.1) 32 (29.9) 6 (15.8)
Intubated with COVID-19

pneumonia 9 (13.6) 21 (39.6) 13 (28.9) 5 (10.9) 20 (18.7) 8 (21.1)

Use of devices before first
HAI, N (%)

Central venous catheter 49 (74.2) 42 (79.2) 35 (77.8) 30 (65.2) 87 (81.3) 29 (76.3) 0.404
Mechanical ventilation 33 (50.0) 41 (77.4) 33 (73.3) 29 (63.0) 71 (66.4) 20 (52.6) 0.017
Urinary catheter 65 (98.5) 53 (100.0) 43 (95.6) 46 (100.0) 106 (99.1) 38 (100.0) 0.294

Antibiotic consumption in
days, mean, SD

Antifungal agents (N = 176) 14.5 (11.5) 12.7 (8.9) 15.2 (14.8) 12.7 (10.7) 15.8 (13.0) 15.3 (17.7) 0.816
Carbapenems (N = 172) 12.5 (9.2) 11.1 (7.3) 11.1 (6.8) 10.8 (8.2) 10.6 (6.9) 10.9 (8.9) 0.976
Extended-spectrum

cephalosporins (N = 156) 8.4 (9.7) 7.8 (6.6) 13.2 (11.8) 7.3 (5.2) 11.6 (10.0) 9.2 (7.8) 0.454

Glycopeptides (N = 186) 10.9 (7.8) 10.1 (6.6) 13.4 (9.5) 10.2 (6.4) 13.2 (10.0) 16.1 (14.6) 0.618
Macrolides (N = 115) 6.0 (4.3) 8.1 (4.9) 8.5 (5.6) 8.1 (2.7) 5.8 (3.0) 9.4 (4.5) 0.006
Penicillins (N = 210) 7.6 (4.3) 8.6 (4.6) 11.3 (8.8) 8.5 (7.8) 9.3 (6.7) 12.5 (8.6) 0.361
Polymyxins (N = 93) 11.8 (6.7) 8.9 (3.9) 14.3 (12.4) 9.4 (9.7) 9.6 (5.1) 11.5 (4.9) 0.638
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Table 1. Cont.

Period of SARS-CoV-2 Variant Dominance

Alpha Delta Omicron
BA.1

Omicron
BA.2

Omicron
BA.5 Omicron XBB

p-Value
1 Mar 2021–
18 Jun 2021

19 Jun 2021–31
Dec 2021

1 Jan 2022–
12 Mar 2022

13 Mar 2022–
6 Jun 2022

7 Jun 2022–
12 Feb 2023

13 Feb 2023–15
Jul 2023

Length of ICU stay in days,
mean (SD) 14.8 (12.2) 14.9 (8.5) 18.3 (15.8) 14.3 (10.7) 16.5 (12.7) 19.1 (18.2) 0.604

ICU deaths, N (%) 20 (30.3) 35 (66.0) 32 (71.1) 22 (47.8) 54 (50.5) 13 (34.2) <0.001

Mortality rate per 1000
patient-days (95% CI)

20.4
(11.5–29.4) 44.4 (29.7–59.1) 38.8

(25.3–52.2)
33.4

(19.5–47.4)
30.6

(22.4–38.8) 17.9 (8.2–27.6) NA

CI: confidence interval; COPD: chronic obstructive pulmonary disease; HAI: healthcare-associated infection;
ICU: intensive care unit; NA: not applicable; SAPS II: simplified acute physiology score II; SARS-CoV-2: severe
acute respiratory syndrome coronavirus 2; SD: standard deviation.

Among those with an available SAPS II score (229 patients), the lowest value was
observed in patients admitted during the Alpha period (28.7) compared to those admitted
during other periods (ranging from 37.2 to 59.0). On the one hand, the proportion of
non-intubated patients at admission was 83.3% during Alpha and then decreased over
time, reaching the lowest value in the Omicron BA.5 months (51.4%), when approximately
30% of patients were intubated without COVID-19 pneumonia. On the other hand, the
proportion of patients intubated with COVID-19 pneumonia varied over time, reaching
the highest values in the second and third periods (39.6% and 28.9%, respectively) and
decreasing subsequently (10.9%, 18.7% and 21.1% in the Omicron BA.2, Omicron BA.5 and
Omicron XBB months, respectively). Regarding invasive devices, their use was comparable
throughout the study; e.g., the proportion of patients with a central venous catheter ranged
from 65.2% to 81.3% (p = 0.404), while those with a urinary catheter represented over 95% in
every period (p = 0.294). By contrast, the use of mechanical ventilation was at a minimum
during the Alpha period (50.0%), while the following periods showed the proportion of
patients who were ventilated ranging from 52.6% to 77.4% (p = 0.017).

Antibiotic consumption was variable across the study periods. Penicillins were the
most administered class (201 patients, 59.1%), ranging from an average of 7.6 days in
the Alpha period to 12.5 days in the Omicron XBB period. Glycopeptide consumption
(186 patients, 52.4%) ranged from 10.1 average days in the Delta period to 16.1 in the
Omicron XBB period. Antifungal agents (176 patients, 49.6%) were used for longer, i.e.,
between around 13 and 15 days on average, across the study periods. Carbapenems
(172 patients, 48.5%) were taken on average for between 12.5 and 11.1 days in the Alpha,
Delta and Omicron BA.1 periods and between 10.6 and 10.9 days in the Omicron BA.2,
Omicron BA.5 and Omicron XBB periods. Extended-spectrum cephalosporins (156 patients,
44.0%) were used for the longest time in the Omicron BA.1 period (13.2 average days)
and the shortest in the Omicron BA.2 period (7.3 average days). Macrolides (115 patients,
32.4%), on the other hand, were taken for the shortest time in the Omicron BA.5 period
(5.8 average days) and the longest in the Omicron XBB period (9.4 average days) (p = 0.006).
Polymyxins were the least-used antimicrobial class (93 patients, 26.2%), being taken for
8.9 days on average in the Delta period and up to 14.3 days in the Omicron BA.1 period.

The length of stay in the ICU was similar over time, from 14.8 to 19.1 days on aver-
age (p = 0.604), but the Delta and Omicron BA.1 months showed the highest proportion
of deaths (66.0% and 71.1% of patients, respectively), compared to the other periods
(p < 0.001). Accordingly, a higher mortality rate per 1000 patient-days was found in
the Delta (44.4, 95% CI: 29.7–59.1), and Omicron BA.1 (38.8, 95% CI: 25.3–52.2) periods,
compared to the Alpha (20.4, 95% CI: 11.5–29.4), Omicron BA.2 (33.4, 95% CI: 19.5–47.4),
Omicron BA.5 (30.6, 95% CI: 22.4–38.8), and Omicron XBB (17.9, 95% CI: 8.2–27.6) periods,
with rates decreasing overall from the Delta to the Omicron XBB period.
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3.2. Occurrence and Characteristics of HAIs and Isolated Microorganisms

Overall, 138 HAIs occurred during the study period, affecting 27.3% of the patients
(Table 2).

Table 2. Occurrence and characteristics of healthcare-associated infections (HAIs) by period of
SARS-CoV-2 variant dominance.

Period of SARS-CoV-2 Variant Dominance

Alpha Delta Omicron
BA.1 Omicron BA.2 Omicron

BA.5 Omicron XBB
p-Value

1 Mar 2021–18
Jun 2021

19 Jun 2021–31
Dec 2021

1 Jan 2022–
12 Mar 2022

13 Mar 2022–6
Jun 2022

7 Jun 2022–
12 Feb 2023

13 Feb 2023–
15 Jul 2023

Type of HAI (N = 138),
N (%) <0.001

CR-BSI 0 (0.0) 5 (16.7) 1 (4.8) 0 (0.0) 0 (0.0) 0 (0.0)
VAP 11 (32.4) 15 (50.0) 13 (61.9) 4 (36.4) 16 (57.1) 8 (57.1)
CAUTI 18 (52.9) 4 (13.3) 3 (14.3) 3 (27.3) 3 (10.7) 2 (14.3)
BUO 5 (14.7) 6 (20.0) 4 (19.0) 4 (36.4) 9 (32.1) 4 (28.6)

Patients with HAIs
(N = 355), N (%) 0.023

No HAI 45 (68.2) 31 (58.5) 28 (62.2) 37 (80.4) 88 (82.2) 29 (76.3)
One HAI 11 (16.7) 14 (26.4) 14 (31.1) 7 (15.2) 11 (10.3) 6 (15.8)
Two HAIs or more 10 (15.2) 8 (15.1) 3 (6.7) 2 (4.3) 8 (7.5) 3 (7.9)

BUO: bloodstream infection of unknown origin; CAUTI: catheter-associated urinary tract infection; CR-
BSI: catheter-related bloodstream infections; HAI: healthcare-associated infection; SAPS II: simplified acute
physiology score II; SD: standard deviation; SARS-CoV-2: severe acute respiratory syndrome coronavirus 2; VAP:
ventilation-associated pneumonia.

The most common HAIs were CAUTIs (52.9%) during Alpha and VAPs in all other
periods (from 50.0% to 61.9%), with the only exception being the Omicron BA.2 period,
during which VAP and BUO were equally diagnosed (36.4% each). The incidence of patients
with at least one HAI was highest during Alpha, Delta, and Omicron BA.1 variants (31.8%,
41.5% and 37.8%, respectively), while the proportion of patients who suffered from two or
more superinfections reached a maximum during the first months of the study (15.2% in
the Alpha and 15.1% in the Delta period) (p = 0.023).

The time-to-first HAI was similar throughout the study (from 10.3 to 14.5 days), but
higher rates per 1000 patient-days were observed in the Alpha (30.8, 95% CI: 17.6–44.0),
Delta (36.0, 95% CI: 21.0–51.1), and Omicron BA.1 periods (27.9, 95% CI: 14.6–41.2) com-
pared to the Omicron BA.2 (15.3, 95% CI: 5.3–25.3), Omicron BA.5 (12.7, 95% CI: 7.0–18.3),
and Omicron XBB months (16.4, 95% CI: 5.7–27.1) (Figure 2).

As for the different types of HAI, VAPs showed a trend comparable to the overall
incidence rate, peaking during Delta and Omicron BA.1 predominance, and showing the
highest incidence rates in all periods except Omicron BA.2, during which BUOs were
slightly more represented. The other HAI types recorded some fluctuations over time, but
did not exceed the rate of 10 per 1000 patient-days in any period apart from CAUTI during
the Alpha variant (11.7, 95% CI: 3.6–19.9).

Lastly, of the isolated microorganisms (N = 165), A. baumannii (N = 44) was the most
frequently responsible for HAIs, followed by Candida spp. (N = 31) and K. pneumoniae
(N = 30). Candida spp. were prevalent in the Alpha period (37.5%), while A. baumannii
became progressively predominant subsequently (42.9%, 40.7% and 46.2% in the Delta,
Omicron BA.1 and Omicron BA.2 periods, respectively) and K. pneumoniae was the most
frequently recorded in the last months of the study (33.3% and 35.3% in the Omicron BA.5
and XBB periods, respectively) (Figure 3a). As for the type of HAI, Candida spp. was the
most frequently isolated agent among CRBSIs (N = 2, 33.3%). For VAPs, A. baumannii was
the most common microorganism (N = 31, 37.8%), followed by K. pneumoniae (N = 20, 24.4%)
and P. aeruginosa (N = 12, 14.6%). In CAUTIs, Candida spp. was the most prevalent pathogen
(N = 20, 54.1%), followed by K. pneumoniae (N = 6, 16.2%) and A. baumannii (N = 4, 10.8%).
Finally, among BUOs, Enterococcus spp. was the most frequent microorganism (N = 10,
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25.0%), followed by Candida spp. (N = 9, 22.5%) and A. baumannii (N = 8, 20.0%). Regarding
the microorganisms’ antimicrobial susceptibility profiles (Figure 3b), only one pandrug-
resistant (PDR) isolate was found during the Alpha period (K. pneumoniae). However, the
proportion of extensively drug-resistant (XDR) isolates tended to increase from the Alpha
period (22.5%) to the Omicron BA.2 period (76.9%) and then stabilized during the Omicron
BA.5 and XBB periods (57.6% and 52.9%, respectively). The proportion of multidrug-
resistant microorganisms (MDRs) was more fluctuating across the study periods and was
around 11% in the Omicron BA.1 and Omicron XBB period. Non-multidrug-resistant
microorganisms (N-MDR) did not exceed 21% in any period, with no N-MDR isolates
found during the Omicron XBB period.
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PDR: pandrug-resistant; NA: not applicable.



Antibiotics 2024, 13, 842 9 of 15

3.3. Multivariable Analysis of Occurrence of First HAI

Compared to the Alpha period (Table 3), admission during the various Omicron waves
was associated with lower hazards of HAI (Omicron BA.1 SHR: 0.40, 95% CI: 0.16–0.96;
Omicron BA.2 SHR: 0.30, 95% CI: 0.13–0.72; Omicron BA.5 SHR: 0.23, 95% CI: 0.11–0.50;
and Omicron XBB SHR: 0.34, 95% CI: 0.14–0.82), but this was not the case during the Delta
period (SHR: 0.65, 95% CI: 0.31–1.34).

Table 3. Multivariable competing risk Fine–Gray regression model for first HAI (N = 355).

SHR 95% CI p-Value

Period of SARS-CoV-2 variant dominance
(Ref. Alpha: 1 Mar 2021–18 Jun 2021)

Delta: 19 Jun 2021–31 Dec 2021 0.65 0.31–1.34 0.241
Omicron BA.1: 1 Jan 2022–12 Mar 2022 0.40 0.16–0.96 0.040
Omicron BA.2: 13 Mar 2022–6 Jun 2022 0.30 0.13–0.72 0.007
Omicron BA.5: 7 Jun 2022–12 Feb 2023 0.23 0.11–0.50 <0.001
Omicron XBB: 13 Feb 2023–15 Jul 2023 0.34 0.14–0.82 0.016

Age 0.99 0.98–1.01 0.463

Male gender (Ref. Female) 4.01 1.68–9.57 0.002

SAPS II 1.01 0.99–1.02 0.538

Coexisting conditions (Ref. None)
One coexisting condition 1.24 0.74–2.08 0.414
Two coexisting conditions or more 0.98 0.57–1.70 0.949

Intubated at admission (Ref. Non-intubated)
Intubated, other reasons 1.54 0.79–3.01 0.207
Intubated with COVID-19 pneumonia 1.82 1.08–3.07 0.025

Use of carbapenems, in days 0.87 0.82–0.93 <0.001
Use of glycopeptides, in days 0.98 0.96–1.01 0.159
Use of penicillins, in days 0.99 0.96–1.02 0.498

Time-varying coefficients
Male gender * Time 0.92 0.88–0.97 0.002
Use of glycopeptides, in days * Time 1.00 1.00–1.01 0.001

CI: confidence interval; COVID-19: coronavirus disease 2019; HAI: healthcare-associated infection; SAPS II: sim-
plified acute physiology score II; SHR: sub-distribution hazard ratio.

Male patients showed higher hazards of HAI (SHR: 4.01, 95% CI: 1.68–9.57), but
this association decreased over time (SHR: 0.92, 95% CI: 0.88–0.97). Being intubated with
COVID-19 pneumonia at admission was associated with greater hazards of HAI (SHR:
1.82, 95% CI: 1.08–3.07), whereas being intubated for other reasons at admission was not
associated with the outcome (SHR: 1.54, 95% CI: 0.79–3.01). Longer use of carbapenems
was associated with lower hazard of HAI (SHR: 0.87, 95% CI: 0.82–0.93), although this was
found to increase over time (SHR: 1.00, 95% CI: 1.00–1.01). Lastly, age, SAPS II, coexisting
conditions, and daily use of glycopeptides and penicillins did not show any relationship
with the outcome.

4. Discussion

In this study, we focused on a temporary ICU ward, specifically built for critical
COVID-19 patients, to provide insights into the occurrence of HAIs throughout the pan-
demic waves. We found that hospitalized patients differed over time in their clinical
characteristics. Thus, during the early stages of the pandemic, younger patients with fewer
comorbidities were admitted, while in the later phases patients were older and had more
coexisting conditions. This shift may be related to the reduced virulence of the Omicron
variants [36], and the progressive increase in population immunity due to the increase in
numbers of vaccinated individuals [37]. Similarly to other countries, older individuals,
as the most at-risk group in the general population, were the first to be targeted by the
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anti-COVID-19 vaccination campaign in Italy [38,39], and this may have conferred greater
protection against SARS-CoV-2 infection and ICU admission in this age group during the
early stages of the pandemic. Additionally, the increase in natural immunity following
SARS-CoV-2 infections may have also played a role in preventing severe disease and hos-
pitalization in younger people in the later stages of the pandemic [40–42]. Nevertheless,
despite better baseline patient conditions at the beginning of the pandemic, ICU mortality
was higher in these months, peaking during the Delta variant, which was deemed more
pathogenic than both the Alpha [43] and Omicron lineages [44,45]. Reasons for this finding
are doubtless multifactorial and comparable to those mentioned for ICU hospitalizations,
including the decreasing virulence of the variants, with Omicron lineages being progres-
sively less lethal [36,37,46,47], and the increase in patient immunization status [48], with
people largely receiving booster doses during the Omicron waves in Europe [49,50]. Inter-
estingly, it should be noted that in our study SAPS II seemed to be unrelated to the mortality
and HAI rates. Other studies have confirmed the unreliability of SAPS II in predicting
superinfections [51], although SAPS II was able to predict the mortality of ICU-hospitalized
COVID-19 patients in a few cases [52,53]. A potential explanation for this result could be
the young age of the subjects hospitalized in the early periods and their relative lack of
co-morbidities, which may have masked the severity of their condition in our study. How-
ever, given the limited availability of such data in our cohort, further studies are needed to
definitely establish the correlation between SAPS II and mortality in COVID-19 patients.

We also observed a higher HAI incidence in the first phases of the pandemic, followed
by a substantial decrease in the following year, indicating an association between the
admission period and the development of HAIs, as confirmed by the multivariable analysis.
In this regard, evidence on the direct effect of SARS-CoV-2 variants on the development
of HAIs is limited, and there is no clear conclusion [54], but the progressive improvement
in management of critically ill COVID-19 patients, and the availability of new therapeutic
options [55], must go some way towards explaining the decrease in ICU mortality and
HAI incidence observed in the last year of this study. In addition, it is also possible that
ICU healthcare workers improved their adherence to IPC measures, particularly given
that the first pandemic waves were characterized by fear of SARS-CoV-2 contagion, higher
workload and shortages of personal protective equipment (PPE) [56,57]. In this regard, the
availability of PPE has been found to be a relevant factor for IPC practice compliance among
healthcare workers [58]. Within this context, the inverse relationship between baseline
patient characteristics and HAI incidence could be at least partially explained by the general
decrease in intubated patients with COVID-19 pneumonia as the study progressed; in fact,
this was identified as a risk factor for HAI in the multivariable analysis. It is well-known
that COVID-19 pneumonia is a risk factor for VAPs, due to the respiratory compromise
that favours bacterial superinfections [59–62], and in our study VAPs were more prevalent
in the first three periods compared to the subsequent phases. On the other hand, it is
also worth mentioning that the clinical and radiological characteristics of SARS-CoV-2 and
bacterial pneumonia usually overlap [63], complicating the diagnosis of VAP among these
patients, a factor that may have impacted our findings, especially in the first waves.

As for the other predictors of HAI occurrence, neither patient age, coexisting conditions
nor SAPS II were associated with HAI onset, while among the antimicrobial agents, only
carbapenems had an impact, showing a preventive effect that increased over time. In
this regard, it is noteworthy that across the pandemic phases we observed a change in the
resistance profile of microorganisms, which became more resistant to multiple antimicrobial
agents, including carbapenems. However, caution is needed in interpreting these findings,
as studying the role of antibiotics in the occurrence of HAIs is complex, and antibiotic use
is widely acknowledged as a primary driver of antimicrobial resistance [63,64]. For this
reason, and given that the pandemic situation has led to the inappropriate prescription
of antimicrobial agents by healthcare professionals in different settings [65,66], it will be
crucial to implement antimicrobial stewardship programs in healthcare settings to optimize
antibiotic consumption and mitigate the emergence and spread of multidrug-resistant
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bacteria [67]. Lastly, we also found that male gender was positively associated with the
outcome, with a tendency to decrease over time, in line with other reports showing a
higher prevalence of HAIs in male patients in the European WHO region [68]. However,
this association might be the result of an A. baumannii outbreak that occurred in the ICU
between December 2021 and January 2022 exclusively among male patients, possibly as a
consequence of the ICU bed layout, in which patients of the same sex were grouped together.
Therefore, this finding highlights the urgent need to implement enhanced IPC measures, an
aspect that could limit the spread of microorganisms and prevent future outbreaks. In this
regard, it may not be a coincidence that pathogens responsible for HAIs varied markedly
over time: while Candida spp. were the most common microorganisms in the first period,
possibly due to the extensive use of corticosteroids in the treatment of severe COVID-
19 pneumonia [69,70] at this time, as recommended by international guidelines [71], A.
baumannii and K. pneumoniae became the predominant pathogens in the subsequent periods,
findings that suggest microorganism transmission between patients. Indeed, as shown in
other studies conducted in the main ICU ward in the same hospital [14,15] and in line with
national and international reports [72–74], A. baumannii and K. pneumoniae were both found
to be among the pathogens most commonly responsible for HAIs [75,76], and their spread
has been frequently linked to inadequate adherence to hygiene precautions [77].

This study has some strengths and limitations. Since the data derive from an ongoing
surveillance program routinely conducted by the Department of Public Health and Infec-
tious Diseases, the main strength is the ability to investigate critical COVID-19 patients
and to compare their characteristics and outcomes over a two-year period during different
pandemic waves. Moreover, since the staff cohort working in the temporary ICU was
relatively stable, it ensured consistency of care over time. Nevertheless, some limitations
must be acknowledged. Since the data were gathered using a predefined data collection
system, it was not possible to genotype the SARS-CoV-2 variants responsible for the infec-
tion in hospitalized patients, nor to determine the patients’ vaccination status or to assess
whether their vaccination status aligned with the vaccine rollout by age group. In addition,
as per the data collection system, we were not able to assess the different standards-of-care
adopted during the pandemic, nor the post-ICU discharge status of patients, even though
only the most stable were chosen for discharge. Thirdly, to adjust for clinical severity, we
used multiple imputation to address the missing SAPS II values, generating 20 imputed
datasets to compensate for the high rate of missing data, but some residual confounding
could still be present. Fourth, since this temporary ICU was specifically established for
COVID-19 patients, there are no pre-pandemic data available for comparison in such wards.
Finally, we did not assess the effect of HAIs on patient mortality, as it was outside the scope
of our research. Further studies should be conducted to address this issue.

5. Conclusions

This study found that, despite a worsening in the clinical characteristics of COVID-19
patients across the pandemic waves, the occurrence of HAIs was higher during the first
phases. Such an improvement in clinical outcomes may be attributed to a combination
of multiple factors, including reduced SARS-CoV-2 pathogenicity, increased population
immunity and a better understanding of the pathophysiology of COVID-19 and the tools to
contain its effects, as well as a better application of IPC practices. Moreover, we observed
that a temporary ICU setting can be subject to particular pressure in terms of HAIs. This was
evident during the COVID-19 pandemic, but temporary ICU facilities may also be required
in future emergency scenarios, where a large number of patients are expected to need critical
care, such as during other pandemics, epidemics, natural disasters, or humanitarian crises
in resource-limited settings. Therefore, further efforts must be undertaken to strengthen
and consolidate HAI prevention and control practices during emergency situations.



Antibiotics 2024, 13, 842 12 of 15

Supplementary Materials: The following supporting information can be downloaded at: https://
www.mdpi.com/article/10.3390/antibiotics13090842/s1, Table S1: STROBE Statement—Checklist of
items that should be included in reports of cohort studies.

Author Contributions: A.S. conceived and designed the study, performed the data analysis, inter-
preted the data, and wrote the manuscript; V.B. participated in the study conception and design,
data interpretation, manuscript drafting and revision; M.C. participated in the study design, data
collection and interpretation; C.I. participated in the study design, data interpretation and manuscript
drafting; G.M. participated in the study design, data analysis and interpretation, manuscript drafting
and revision; J.I. participated in the study design, data interpretation and manuscript drafting; F.A.,
G.C., C.M., G.T., M.D.G., F.P. and P.V. participated in the study design, data interpretation and
manuscript revision. All authors have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: The study was performed in line with the principles of the
Declaration of Helsinki and was approved by the institutional ethics committee of the Umberto I
Teaching Hospital (reference number 0282/2024).

Informed Consent Statement: Not applicable.

Data Availability Statement: The datasets used and/or analysed during the current study are
available from the corresponding author on reasonable request.

Acknowledgments: The Collaborating Group † includes the following members: Arianna Bellini,
Marta Castellani, Antonio Covelli, Paolo Franzelletti, Elisa Mazzeo, Sara Merli, Federica Patania,
Eleonora Ricci, Sara Rossi, Tamara Rudnicki, Luca Tentarelli, and Alessandro Territo.

Conflicts of Interest: The authors declare that they have no conflicts of interests or other interests
that might be perceived to influence the results and/or discussion reported in this paper.

References
1. Tonetti, T.; Grasselli, G.; Zanella, A.; Pizzilli, G.; Fumagalli, R.; Piva, S.; Lorini, L.; Iotti, G.; Foti, G.; Colombo, S.; et al. Use of

Critical Care Resources during the First 2 Weeks (February 24–March 8, 2020) of the COVID-19 Outbreak in Italy. Ann. Intensive
Care 2020, 10, 133. [CrossRef] [PubMed]

2. Mannucci, E.; Silverii, G.A.; Monami, M. Saturation of Critical Care Capacity and Mortality in Patients with the Novel Coronavirus
(COVID-19) in Italy. Trends Anaesth. Crit. Care 2020, 33, 33–34. [CrossRef]

3. Ministero della Salute. Circolare Del Ministero Della Salute, Incremento Disponibilità Posti Letto de Servizio Sanitario Nazionale e
Ulteriori Indicazioni Relative Alla Gestione Dell’emergenza COVID-19; Ministero Della Salute: Roma, Italy, 2020.

4. Oakley, C.; Pascoe, C.; Balthazor, D.; Bennett, D.; Gautam, N.; Isaac, J.; Isherwood, P.; Matthews, T.; Murphy, N.; Oelofse, T.; et al.
Assembly Line ICU: What the Long Shops Taught Us about Managing Surge Capacity for COVID-19. BMJ Open Qual. 2020, 9,
e001117. [CrossRef]

5. Peng, M.; Qian, Z.; Zhang, L. Care for Critical Ill Patients With COVID-19: Establishment of a Temporary Intensive Care Unit in
an Isolated Hospital. Front. Med. 2020, 7, 519. [CrossRef]

6. Zappella, N.; Dirani, C.; Lortat Jacob, B.; Tanaka, S.; Kantor, E.; El Kalai, A.; Rkik, Y.; Gouel Cheron, A.; Tran Dinh, A.; Montravers,
P. Temporary ICUs during the COVID-19 Pandemic First Wave: Description of the Cohort at a French Centre. BMC Anesthesiol.
2022, 22, 310. [CrossRef] [PubMed]

7. Jimenez, J.V.; Olivas-Martinez, A.; Rios-Olais, F.A.; Ayala-Aguillón, F.; Gil-López, F.; Leal-Villarreal, M.A.d.J.; Rodríguez-Crespo,
J.J.; Jasso-Molina, J.C.; Enamorado-Cerna, L.; Dardón-Fierro, F.E.; et al. Outcomes in Temporary ICUs Versus Conventional ICUs:
An Observational Cohort of Mechanically Ventilated Patients with COVID-19-Induced Acute Respiratory Distress Syndrome.
Crit. Care Explor. 2022, 4, e0668. [CrossRef] [PubMed]

8. Candel, F.J.; Canora, J.; Zapatero, A.; Barba, R.; González Del Castillo, J.; García-Casasola, G.; San-Román, J.; Gil-Prieto, R.;
Barreiro, P.; Fragiel, M.; et al. Temporary Hospitals in Times of the COVID Pandemic. An Example and a Practical View. Rev. Esp.
Quim. 2021, 34, 280–288. [CrossRef]

9. Rossi, V.; Del Monaco, C.; Gambazza, S.; Santambrogio, M.; Binda, F.; Retucci, M.; Privitera, E.; Mantero, M.; Bottino, N.;
Laquintana, D.; et al. Time to Active Sitting Position: One-Year Findings from a Temporary COVID-19 Intensive Care Unit. Respir.
Med. 2022, 194, 106773. [CrossRef]

10. Singh, S.; Ambooken, G.C.; Setlur, R.; Paul, S.K.; Kanitkar, M.; Singh Bhatia, S.; Singh Kanwar, R. Challenges Faced in Establishing
a Dedicated 250 Bed COVID-19 Intensive Care Unit in a Temporary Structure. Trends Anaesth. Crit. Care 2021, 36, 9–16. [CrossRef]

11. Dagenais, C.; Kielende, M.; Coulibaly, A.; Gautier, L.; David, P.-M.; Peiffer-Smadja, N.; Honda, A.; de Araújo Oliveira, S.R.;
Traverson, L.; Zinszer, K.; et al. Lessons Learned from Field Experiences on Hospitals’ Resilience to the COVID-19 Pandemic: A
Systematic Approach. Health Syst. Reform. 2023, 9, 2231644. [CrossRef]

https://www.mdpi.com/article/10.3390/antibiotics13090842/s1
https://www.mdpi.com/article/10.3390/antibiotics13090842/s1
https://doi.org/10.1186/s13613-020-00750-z
https://www.ncbi.nlm.nih.gov/pubmed/33044646
https://doi.org/10.1016/j.tacc.2020.05.002
https://doi.org/10.1136/bmjoq-2020-001117
https://doi.org/10.3389/fmed.2020.00519
https://doi.org/10.1186/s12871-022-01845-9
https://www.ncbi.nlm.nih.gov/pubmed/36192702
https://doi.org/10.1097/CCE.0000000000000668
https://www.ncbi.nlm.nih.gov/pubmed/35372841
https://doi.org/10.37201/req/041.2021
https://doi.org/10.1016/j.rmed.2022.106773
https://doi.org/10.1016/j.tacc.2020.10.006
https://doi.org/10.1080/23288604.2023.2231644


Antibiotics 2024, 13, 842 13 of 15

12. Vranas, K.C.; Golden, S.E.; Mathews, K.S.; Schutz, A.; Valley, T.S.; Duggal, A.; Seitz, K.P.; Chang, S.Y.; Nugent, S.; Slatore, C.G.;
et al. The Influence of the COVID-19 Pandemic on ICU Organization, Care Processes, and Frontline Clinician Experiences: A
Qualitative Study. Chest 2021, 160, 1714–1728. [CrossRef]

13. Fiest, K.M.; Krewulak, K.D. Space, Staff, Stuff, and System: Keys to ICU Care Organization During the COVID-19 Pandemic.
Chest 2021, 160, 1585–1586. [CrossRef]

14. Isonne, C.; Baccolini, V.; Migliara, G.; Ceparano, M.; Alessandri, F.; Ceccarelli, G.; Tellan, G.; Pugliese, F.; De Giusti, M.; De Vito,
C.; et al. Comparing the Occurrence of Healthcare-Associated Infections in Patients with and without COVID-19 Hospitalized
during the Pandemic: A 16-Month Retrospective Cohort Study in a Hospital Intensive Care Unit. J. Clin. Med. 2022, 11, 1446.
[CrossRef] [PubMed]

15. Baccolini, V.; Migliara, G.; Isonne, C.; Dorelli, B.; Barone, L.C.; Giannini, D.; Marotta, D.; Marte, M.; Mazzalai, E.; Alessandri, F.;
et al. The Impact of the COVID-19 Pandemic on Healthcare-Associated Infections in Intensive Care Unit Patients: A Retrospective
Cohort Study. Antimicrob. Resist. Infect. Control 2021, 10, 87. [CrossRef] [PubMed]

16. Ong, C.C.H.; Farhanah, S.; Linn, K.Z.; Tang, Y.W.; Poon, C.Y.; Lim, A.Y.; Tan, H.R.; Binte Hamed, N.H.; Huan, X.; Puah, S.H.; et al.
Nosocomial Infections among COVID-19 Patients: An Analysis of Intensive Care Unit Surveillance Data. Antimicrob. Resist. Infect.
Control 2021, 10, 119. [CrossRef]

17. Agodi, A.; Barchitta, M.; Finazzi, S.; Fadda, G.; Fortunato Paolo, D. Sorveglianza Delle ICA Nelle Unità di Terapia Intensiva.
Available online: https://www.epicentro.iss.it/sorveglianza-ica/sorveglianza-terapia-intensiva (accessed on 26 February 2024).

18. Fakhreddine, S.; Fawaz, M.; Hassanein, S.; Al Khatib, A. Prevalence and Mortality Rate of Healthcare-Associated Infections among
COVID-19 Patients: A Retrospective Cohort Community-Based Approach. Front. Public. Health 2023, 11, 1235636. [CrossRef]
[PubMed]

19. Bloch, N.; Rüfenacht, S.; Ludwinek, M.; Frick, W.; Kleger, G.-R.; Schneider, F.; Albrich, W.C.; Flury, D.; Kuster, S.P.; Schlegel, M.;
et al. Healthcare-associated Infections in Intensive Care Unit Patients with and without COVID-19: A Single Center Prospective
Surveillance Study. Antimicrob. Resist. Infect. Control 2023, 12, 147. [CrossRef]

20. Saini, V.; Jain, C.; Singh, N.P.; Alsulimani, A.; Gupta, C.; Dar, S.A.; Haque, S.; Das, S. Paradigm Shift in Antimicrobial Resistance
Pattern of Bacterial Isolates during the COVID-19 Pandemic. Antibiotics 2021, 10, 954. [CrossRef]

21. Langford, B.J.; So, M.; Simeonova, M.; Leung, V.; Lo, J.; Kan, T.; Raybardhan, S.; Sapin, M.E.; Mponponsuo, K.; Farrell, A.; et al.
Antimicrobial Resistance in Patients with COVID-19: A Systematic Review and Meta-Analysis. Lancet Microbe 2023, 4, e179–e191.
[CrossRef]

22. Provenzano, B.C.; Bartholo, T.; Ribeiro-Alves, M.; dos Santos, A.P.G.; Mafort, T.T.; de Castro, M.C.S.; de Oliveira, J.G.P.; Bruno,
L.P.; Lopes, A.J.; da Costa, C.H.; et al. The Impact of Healthcare-Associated Infections on COVID-19 Mortality: A Cohort Study
from a Brazilian Public Hospital. Rev. Assoc. Médica Bras. 2021, 67, 997–1002. [CrossRef]

23. Rezaie, F.; Mohammadi-Shahboulaghi, F.; Fadayevatan, R.; Shati, M.; Ghaedamini Harouni, G. Predictors of In-ICU Mortality
Among Older Patients with Healthcare-Associated Infection: A Cohort Study. J. Kermanshah Univ. Med. Sci. 2023, 27, e139129.
[CrossRef]

24. Bonsignore, M.; Hohenstein, S.; Kodde, C.; Leiner, J.; Schwegmann, K.; Bollmann, A.; Möller, R.; Kuhlen, R.; Nachtigall, I. Burden
of Hospital-Acquired SARS-CoV-2 Infections in Germany: Occurrence and Outcomes of Different Variants. J. Hosp. Infect. 2022,
129, 82–88. [CrossRef] [PubMed]

25. Migliara, G.; Paolo, C.; Barbato, D.; Baccolini, V.; Salerno, C.; Nardi, A. Multimodal Surveillance of Healthcare Associated
Infections in an Intensive Care Unit of a Large Teaching Hospital. Ann. Ig. 2019, 31, 399–413.

26. NHSN Patient Safety Component Manual 2016. Available online: https://stacks.cdc.gov/view/cdc/43374 (accessed on 6
November 2023).

27. European Surveillance of Healthcare-Associated Infections in Intensive Care Units: HAI Net ICU Protocol, Version 1.02. 2015.
Available online: https://data.europa.eu/doi/10.2900/371526 (accessed on 6 November 2023).

28. Magiorakos, A.-P.; Srinivasan, A.; Carey, R.B.; Carmeli, Y.; Falagas, M.E.; Giske, C.G.; Harbarth, S.; Hindler, J.F.; Kahlmeter, G.;
Olsson-Liljequist, B.; et al. Multidrug-Resistant, Extensively Drug-Resistant and Pandrug-Resistant Bacteria: An International
Expert Proposal for Interim Standard Definitions for Acquired Resistance. Clin. Microbiol. Infect. 2012, 18, 268–281. [CrossRef]
[PubMed]

29. Shafie, M.H.; Antony Dass, M.; Ahmad Shaberi, H.S.; Zafarina, Z. Screening and Confirmation Tests for SARS-CoV-2: Benefits
and Drawbacks. Beni Suef Univ. J. Basic. Appl. Sci. 2023, 12, 6. [CrossRef]

30. Stefanelli, P.; Ambrosio, L.; Di Martino, A.; Riccardo, F.; Petrone, D.; Bella, A.; Pezzotti, P.; Palamara, A.T. Monitoraggio Delle
Varianti del Virus SARS-CoV-2 di Interesse in Sanità Pubblica in Italia—Archivio Dei Rapporti Periodici. Available online:
https://www.epicentro.iss.it/coronavirus/sars-cov-2-monitoraggio-varianti-rapporti-periodici (accessed on 26 October 2023).

31. Von Elm, E.; Altman, D.G.; Egger, M.; Pocock, S.J.; Gøtzsche, P.C.; Vandenbroucke, J.P.; for the STROBE Initiative. The Strength-
ening the Reporting of Observational Studies in Epidemiology (STROBE) Statement: Guidelines for Reporting Observational
Studies. PLoS Med. 2007, 4, e296. [CrossRef]

32. Austin, P.C.; Lee, D.S.; Fine, J.P. Introduction to the Analysis of Survival Data in the Presence of Competing Risks. Circulation
2016, 133, 601–609. [CrossRef] [PubMed]

33. Fine, J.P.; Gray, R.J. A Proportional Hazards Model for the Subdistribution of a Competing Risk. J. Am. Stat. Assoc. 1999, 94,
496–509. [CrossRef]

https://doi.org/10.1016/j.chest.2021.05.041
https://doi.org/10.1016/j.chest.2021.07.001
https://doi.org/10.3390/jcm11051446
https://www.ncbi.nlm.nih.gov/pubmed/35268538
https://doi.org/10.1186/s13756-021-00959-y
https://www.ncbi.nlm.nih.gov/pubmed/34088341
https://doi.org/10.1186/s13756-021-00988-7
https://www.epicentro.iss.it/sorveglianza-ica/sorveglianza-terapia-intensiva
https://doi.org/10.3389/fpubh.2023.1235636
https://www.ncbi.nlm.nih.gov/pubmed/37637822
https://doi.org/10.1186/s13756-023-01353-6
https://doi.org/10.3390/antibiotics10080954
https://doi.org/10.1016/S2666-5247(22)00355-X
https://doi.org/10.1590/1806-9282.20210433
https://doi.org/10.5812/jkums-139129
https://doi.org/10.1016/j.jhin.2022.08.004
https://www.ncbi.nlm.nih.gov/pubmed/35995339
https://stacks.cdc.gov/view/cdc/43374
https://data.europa.eu/doi/10.2900/371526
https://doi.org/10.1111/j.1469-0691.2011.03570.x
https://www.ncbi.nlm.nih.gov/pubmed/21793988
https://doi.org/10.1186/s43088-023-00342-3
https://www.epicentro.iss.it/coronavirus/sars-cov-2-monitoraggio-varianti-rapporti-periodici
https://doi.org/10.1371/journal.pmed.0040296
https://doi.org/10.1161/CIRCULATIONAHA.115.017719
https://www.ncbi.nlm.nih.gov/pubmed/26858290
https://doi.org/10.1080/01621459.1999.10474144


Antibiotics 2024, 13, 842 14 of 15

34. Talbot, D.; Massamba, V.K. A Descriptive Review of Variable Selection Methods in Four Epidemiologic Journals: There Is Still
Room for Improvement. Eur. J. Epidemiol. 2019, 34, 725–730. [CrossRef]

35. Graham, J.W.; Olchowski, A.E.; Gilreath, T.D. How Many Imputations Are Really Needed? Some Practical Clarifications of
Multiple Imputation Theory. Prev. Sci. 2007, 8, 206–213. [CrossRef]

36. Petrone, D.; Mateo-Urdiales, A.; Sacco, C.; Riccardo, F.; Bella, A.; Ambrosio, L.; Lo Presti, A.; Di Martino, A.; Ceccarelli, E.; Del
Manso, M.; et al. Reduction of the Risk of Severe COVID-19 Due to Omicron Compared to Delta Variant in Italy (November
2021–February 2022). Int. J. Infect. Dis. 2023, 129, 135–141. [CrossRef]

37. Marziano, V.; Guzzetta, G.; Menegale, F.; Sacco, C.; Petrone, D.; Mateo Urdiales, A.; Del Manso, M.; Bella, A.; Fabiani, M.; Vescio,
M.F.; et al. Estimating SARS-CoV-2 Infections and Associated Changes in COVID-19 Severity and Fatality. Influenza Other Respir.
Viruses 2023, 17, e13181. [CrossRef]

38. Ministero della Salute. Decreto 12 Marzo 2021, Approvazione Del Piano Strategico Nazionale Dei Vaccini per La Prevenzione Delle
Infezioni Da SARS-CoV-2, Raccomandazioni Ad Interim Sui Gruppi Target Della Vaccinazione Anti SARS-CoV-2/COVID-19; Ministero
della Salute: Roma, Italy, 2021.

39. Regione Lazio. Determinazione, Approvazione Del Piano Regionale Della Campagna Di Vaccinazione Anti SARS-CoV-2. Documento Ad
Interim. Aggiornamento Febbraio 2021; Regione Lazio: Roma, Italy, 2021.

40. Shenai, M.B.; Rahme, R.; Noorchashm, H. Equivalency of Protection From Natural Immunity in COVID-19 Recovered Versus
Fully Vaccinated Persons: A Systematic Review and Pooled Analysis. Cureus 2021, 13, e19102. [CrossRef]

41. Franchi, M.; Pellegrini, G.; Cereda, D.; Bortolan, F.; Leoni, O.; Pavesi, G.; Galli, M.; Valenti, G.; Corrao, G. Natural and Vaccine-
Induced Immunity Are Equivalent for the Protection against SARS-CoV-2 Infection. J. Infect. Public Health 2023, 16, 1137–1141.
[CrossRef] [PubMed]

42. Bobrovitz, N.; Ware, H.; Ma, X.; Li, Z.; Hosseini, R.; Cao, C.; Selemon, A.; Whelan, M.; Premji, Z.; Issa, H.; et al. Protective
Effectiveness of Previous SARS-CoV-2 Infection and Hybrid Immunity against the Omicron Variant and Severe Disease: A
Systematic Review and Meta-Regression. Lancet Infect. Dis. 2023, 23, 556–567. [CrossRef] [PubMed]

43. Ong, S.W.X.; Chiew, C.J.; Ang, L.W.; Mak, T.M.; Cui, L.; Toh, M.P.H.S.; Lim, Y.D.; Lee, P.H.; Lee, T.H.; Chia, P.Y.; et al. Clinical and
Virological Features of Severe Acute Respiratory Syndrome Coronavirus 2 (SARS-CoV-2) Variants of Concern: A Retrospective
Cohort Study Comparing B.1.1.7 (Alpha), B.1.351 (Beta), and B.1.617.2 (Delta). Clin. Infect. Dis. 2022, 75, e1128–e1136. [CrossRef]
[PubMed]

44. Nyberg, T.; Ferguson, N.M.; Nash, S.G.; Webster, H.H.; Flaxman, S.; Andrews, N.; Hinsley, W.; Bernal, J.L.; Kall, M.; Bhatt, S.; et al.
Comparative Analysis of the Risks of Hospitalisation and Death Associated with SARS-CoV-2 Omicron (B.1.1.529) and Delta
(B.1.617.2) Variants in England: A Cohort Study. Lancet 2022, 399, 1303–1312. [CrossRef]

45. Bouzid, D.; Visseaux, B.; Kassasseya, C.; Daoud, A.; Fémy, F.; Hermand, C.; Truchot, J.; Beaune, S.; Javaud, N.; Peyrony, O.; et al.
Comparison of Patients Infected With Delta Versus Omicron COVID-19 Variants Presenting to Paris Emergency Departments: A
Retrospective Cohort Study. Ann. Intern. Med. 2022, 175, 831–837. [CrossRef] [PubMed]

46. Brehm, T.T.; Heyer, A.; Woo, M.S.; Fischer, M.; van der Meirschen, M.; Wichmann, D.; Jarczak, D.; Roedl, K.; Schmiedel, S.; Addo,
M.M.; et al. Comparative Analysis of Characteristics and Outcomes in Hospitalized COVID-19 Patients Infected with Different
SARS-CoV-2 Variants between January 2020 and April 2022—A Retrospective Single-Center Cohort Study. J. Infect. Public Health
2023, 16, 1806–1812. [CrossRef]

47. Noureddine, F.Y.; Chakkour, M.; El Roz, A.; Reda, J.; Al Sahily, R.; Assi, A.; Joma, M.; Salami, H.; Hashem, S.J.; Harb, B.; et al. The
Emergence of SARS-CoV-2 Variant(s) and Its Impact on the Prevalence of COVID-19 Cases in the Nabatieh Region, Lebanon.
Med. Sci. 2021, 9, 40. [CrossRef]

48. Wang, C.; Liu, B.; Zhang, S.; Huang, N.; Zhao, T.; Lu, Q.-B.; Cui, F. Differences in Incidence and Fatality of COVID-19 by
SARS-CoV-2 Omicron Variant versus Delta Variant in Relation to Vaccine Coverage: A World-Wide Review. J. Med. Virol. 2023,
95, e28118. [CrossRef] [PubMed]

49. ECDC. Interim Public Health Considerations for COVID-19 Vaccination Roll-Out during 2023; ECDC: Stockholm, Sweden, 2023.
50. ECDC. Interim Analysis of COVID-19 Vaccine Effectiveness against Hospitalisation and Death Using Electronic Health Records in Six

European Countries; ECDC: Stockholm, Sweden, 2023.
51. Barchitta, M.; Maugeri, A.; Favara, G.; Riela, P.M.; Gallo, G.; Mura, I.; Agodi, A. A Machine Learning Approach to Predict

Healthcare-Associated Infections at Intensive Care Unit Admission: Findings from the SPIN-UTI Project. J. Hosp. Infect. 2021, 112,
77–86. [CrossRef] [PubMed]

52. Vicka, V.; Januskeviciute, E.; Miskinyte, S.; Ringaitiene, D.; Serpytis, M.; Klimasauskas, A.; Jancoriene, L.; Sipylaite, J. Comparison
of Mortality Risk Evaluation Tools Efficacy in Critically Ill COVID-19 Patients. BMC Infect. Dis. 2021, 21, 1173. [CrossRef]

53. Razazi, K.; Martins Bexiga, A.; Arrestier, R.; Peiffer, B.; Voiriot, G.; Luyt, C.-E.; Urbina, T.; Mayaux, J.; Pham, T.; Roux, D.; et al.
SARS-CoV-2 Variants and Mutational Patterns: Relationship with Risk of Ventilator-Associated Pneumonia in Critically Ill
COVID-19 Patients in the Era of Dexamethasone. Sci. Rep. 2023, 13, 6658. [CrossRef] [PubMed]

54. WHO. Therapeutics and COVID-19: Living Guideline; WHO: Geneva, Switzerland, 2023.
55. Koh, D. Occupational Risks for COVID-19 Infection. Occup Med. 2020, 70, 3–5. [CrossRef] [PubMed]
56. Cawcutt, K.A.; Starlin, R.; Rupp, M.E. Fighting Fear in Healthcare Workers during the COVID-19 Pandemic. Infect. Control Hosp.

Epidemiol. 2020, 41, 1192–1193. [CrossRef] [PubMed]

https://doi.org/10.1007/s10654-019-00529-y
https://doi.org/10.1007/s11121-007-0070-9
https://doi.org/10.1016/j.ijid.2023.01.027
https://doi.org/10.1111/irv.13181
https://doi.org/10.7759/cureus.19102
https://doi.org/10.1016/j.jiph.2023.05.018
https://www.ncbi.nlm.nih.gov/pubmed/37267680
https://doi.org/10.1016/S1473-3099(22)00801-5
https://www.ncbi.nlm.nih.gov/pubmed/36681084
https://doi.org/10.1093/cid/ciab721
https://www.ncbi.nlm.nih.gov/pubmed/34423834
https://doi.org/10.1016/S0140-6736(22)00462-7
https://doi.org/10.7326/M22-0308
https://www.ncbi.nlm.nih.gov/pubmed/35286147
https://doi.org/10.1016/j.jiph.2023.08.010
https://doi.org/10.3390/medsci9020040
https://doi.org/10.1002/jmv.28118
https://www.ncbi.nlm.nih.gov/pubmed/36056540
https://doi.org/10.1016/j.jhin.2021.02.025
https://www.ncbi.nlm.nih.gov/pubmed/33676936
https://doi.org/10.1186/s12879-021-06866-2
https://doi.org/10.1038/s41598-023-33639-5
https://www.ncbi.nlm.nih.gov/pubmed/37095145
https://doi.org/10.1093/occmed/kqaa036
https://www.ncbi.nlm.nih.gov/pubmed/32107548
https://doi.org/10.1017/ice.2020.315
https://www.ncbi.nlm.nih.gov/pubmed/32580790


Antibiotics 2024, 13, 842 15 of 15

57. George, J.; Shafqat, N.; Verma, R.; Patidar, A.B. Factors Influencing Compliance With Personal Protective Equipment (PPE) Use
Among Healthcare Workers. Cureus 2023, 15, e35269. [CrossRef]

58. Rangel, K.; De-Simone, S.G. Treatment and Management of Acinetobacter Pneumonia: Lessons Learned from Recent World
Event. Infect. Drug Resist. 2024, 17, 507–529. [CrossRef]

59. Rouyer, M.; Strazzulla, A.; Youbong, T.; Tarteret, P.; Pitsch, A.; de Pontfarcy, A.; Cassard, B.; Vignier, N.; Pourcine, F.; Jochmans, S.;
et al. Ventilator-Associated Pneumonia in COVID-19 Patients: A Retrospective Cohort Study. Antibiotics 2021, 10, 988. [CrossRef]

60. Ippolito, M.; Misseri, G.; Catalisano, G.; Marino, C.; Ingoglia, G.; Alessi, M.; Consiglio, E.; Gregoretti, C.; Giarratano, A.;
Cortegiani, A. Ventilator-Associated Pneumonia in Patients with COVID-19: A Systematic Review and Meta-Analysis. Antibiotics
2021, 10, 545. [CrossRef]

61. Pickens, C.O.; Gao, C.A.; Cuttica, M.J.; Smith, S.B.; Pesce, L.L.; Grant, R.A.; Kang, M.; Morales-Nebreda, L.; Bavishi, A.A.; Arnold,
J.M.; et al. Bacterial Superinfection Pneumonia in Patients Mechanically Ventilated for COVID-19 Pneumonia. Am. J. Respir. Crit.
Care Med. 2021, 204, 921–932. [CrossRef]

62. François, B.; Laterre, P.-F.; Luyt, C.-E.; Chastre, J. The Challenge of Ventilator-Associated Pneumonia Diagnosis in COVID-19
Patients. Crit. Care 2020, 24, 289. [CrossRef] [PubMed]

63. Bell, B.G.; Schellevis, F.; Stobberingh, E.; Goossens, H.; Pringle, M. A Systematic Review and Meta-Analysis of the Effects of
Antibiotic Consumption on Antibiotic Resistance. BMC Infect. Dis. 2014, 14, 13. [CrossRef] [PubMed]

64. De Blasiis, M.R.; Sciurti, A.; Baccolini, V.; Isonne, C.; Ceparano, M.; Iera, J.; De Vito, C.; Marzuillo, C.; Villari, P.; Migliara, G.
Impact of Antibiotic Exposure on Antibiotic-Resistant Acinetobacter Baumannii Isolation in Intensive Care Unit Patients: A
Systematic Review and Meta-Analysis. J. Hosp. Infect. 2024, 143, 123–139. [CrossRef]

65. Garg, S.K. Antibiotic Misuse during COVID-19 Pandemic: A Recipe for Disaster. Indian J. Crit. Care Med. 2021, 25, 617–619.
[CrossRef] [PubMed]

66. Chaaban, T.; Ezzeddine, Z.; Ghssein, G. Antibiotic Misuse during the COVID-19 Pandemic in Lebanon: A Cross-Sectional Study.
COVID 2024, 4, 921–929. [CrossRef]

67. CDC. Core Elements of Hospital Antibiotic Stewardship Programs; CDC: Atlanta, GA, USA, 2019.
68. Raoofi, S.; Pashazadeh Kan, F.; Rafiei, S.; Hosseinipalangi, Z.; Noorani Mejareh, Z.; Khani, S.; Abdollahi, B.; Seyghalani Talab, F.;

Sanaei, M.; Zarabi, F.; et al. Global Prevalence of Nosocomial Infection: A Systematic Review and Meta-Analysis. PLoS ONE 2023,
18, e0274248. [CrossRef] [PubMed]

69. Babamahmoodi, F.; Rezai, M.S.; Ahangarkani, F.; Mohammadi Kali, A.; Alizadeh-Navaei, R.; Alishahi, A.; Najafi, N.; Haddadi, A.;
Davoudi, A.; Azargon, L.; et al. Multiple Candida Strains Causing Oral Infection in COVID-19 Patients under Corticosteroids and
Antibiotic Therapy: An Observational Study. Front. Cell Infect. Microbiol. 2022, 12, 1103226. [CrossRef]

70. Singh, R.; Malik, P.; Kumar, M.; Kumar, R.; Alam, M.S.; Mukherjee, T.K. Secondary Fungal Infections in SARS-CoV-2 Patients:
Pathological Whereabouts, Cautionary Measures, and Steadfast Treatments. Pharmacol. Rep. 2023, 75, 817–837. [CrossRef]

71. Camirand-Lemyre, F.; Merson, L.; Tirupakuzhi Vijayaraghavan, B.K.; Burrell, A.J.C.; Citarella, B.W.; Domingue, M.-P.; Lévesque,
S.; Usuf, E.; Wils, E.-J.; Ohshimo, S.; et al. Implementation of Recommendations on the Use of Corticosteroids in Severe COVID-19.
JAMA Netw. Open 2023, 6, e2346502. [CrossRef]

72. Agodi, A.; Barchitta, M.; Auxilia, F.; Brusaferro, S.; D’Errico, M.M.; Montagna, M.T.; Pasquarella, C.; Tardivo, S.; Arrigoni, C.;
Fabiani, L.; et al. Epidemiology of Intensive Care Unit-Acquired Sepsis in Italy: Results of the SPIN-UTI Network. Ann. Ig. 2018,
30, 15–21. [CrossRef] [PubMed]

73. GISIO; SItI PROGETTO SPIN-UTI. Ottava Edizione 2020/2021. Sorveglianza Attiva Prospettica Delle Infezioni Nosocomiali
Nelle Unità Di Terapia Intensiva (UTI). Risultati Finali 2021. Available online: https://www.epicentro.iss.it/infezioni-correlate/
pdf/REPORT%20SPIN-UTI%202020-2021.pdf (accessed on 26 March 2024).

74. ECDC. Healthcare-Associated Infections Acquired in Intensive Care Units. Annual Epidemiological Report for 2020; ECDC: Stockholm,
Sweden, 2024.

75. Fournier, P.E.; Richet, H.; Weinstein, R.A. The Epidemiology and Control of Acinetobacter Baumannii in Health Care Facilities.
Clin. Infect. Dis. 2006, 42, 692–699. [CrossRef] [PubMed]

76. Abbas, R.; Chakkour, M.; Zein El Dine, H.; Obaseki, E.F.; Obeid, S.T.; Jezzini, A.; Ghssein, G.; Ezzeddine, Z. General Overview of
Klebsiella Pneumonia: Epidemiology and the Role of Siderophores in Its Pathogenicity. Biology 2024, 13, 78. [CrossRef]

77. Tomczyk, S.; Zanichelli, V.; Grayson, M.L.; Twyman, A.; Abbas, M.; Pires, D.; Allegranzi, B.; Harbarth, S. Control of Carbapenem-
Resistant Enterobacteriaceae, Acinetobacter Baumannii, and Pseudomonas Aeruginosa in Healthcare Facilities: A Systematic
Review and Reanalysis of Quasi-Experimental Studies. Clin. Infect. Dis. 2019, 68, 873–884. [CrossRef] [PubMed]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.7759/cureus.35269
https://doi.org/10.2147/IDR.S431525
https://doi.org/10.3390/antibiotics10080988
https://doi.org/10.3390/antibiotics10050545
https://doi.org/10.1164/rccm.202106-1354OC
https://doi.org/10.1186/s13054-020-03013-2
https://www.ncbi.nlm.nih.gov/pubmed/32503590
https://doi.org/10.1186/1471-2334-14-13
https://www.ncbi.nlm.nih.gov/pubmed/24405683
https://doi.org/10.1016/j.jhin.2023.11.002
https://doi.org/10.5005/jp-journals-10071-23862
https://www.ncbi.nlm.nih.gov/pubmed/34316138
https://doi.org/10.3390/covid4070064
https://doi.org/10.1371/journal.pone.0274248
https://www.ncbi.nlm.nih.gov/pubmed/36706112
https://doi.org/10.3389/fcimb.2022.1103226
https://doi.org/10.1007/s43440-023-00506-z
https://doi.org/10.1001/jamanetworkopen.2023.46502
https://doi.org/10.7416/ai.2018.2247
https://www.ncbi.nlm.nih.gov/pubmed/30374508
https://www.epicentro.iss.it/infezioni-correlate/pdf/REPORT%20SPIN-UTI%202020-2021.pdf
https://www.epicentro.iss.it/infezioni-correlate/pdf/REPORT%20SPIN-UTI%202020-2021.pdf
https://doi.org/10.1086/500202
https://www.ncbi.nlm.nih.gov/pubmed/16447117
https://doi.org/10.3390/biology13020078
https://doi.org/10.1093/cid/ciy752
https://www.ncbi.nlm.nih.gov/pubmed/30475989

	Introduction 
	Materials and Methods 
	Patients and Data Collection 
	Statistical Analysis 

	Results 
	Characteristics of Patients 
	Occurrence and Characteristics of HAIs and Isolated Microorganisms 
	Multivariable Analysis of Occurrence of First HAI 

	Discussion 
	Conclusions 
	References

